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Abstract: Conventional design practices for wind turbine drivetrains commonly adopt a
segregated workflow where the gearbox and electrical machine are developed independently.
Such a decoupled strategy overlooks inherent electromechanical coupling constraints, thereby
imposing fundamental limits on attainable power density and dynamic behavior of the entire
transmission assembly. To mitigate these limitations, this work presents a hierarchical
integrated parameter co-design framework for wind turbine gearbox–generator systems,
which implements progressive optimization from system-level to component-level, while
synchronously satisfying static performance and dynamic response requirements. In the first
design stage, an integrated initial parameterization scheme is formulated via finite element
analysis (FEA) and numerical computation, with objectives to elevate system power density
and suppress amplitudes of internal dynamic excitations. The optimized parameters from
this stage serve as baseline inputs for the second stage. An electromechanically coupled
dynamic model is then established to quantify correlations between key mechanical structural
parameters (gearbox bearings, hollow shafts, splines, ring gear bolt stiffness) and generator
electromagnetic/structural parameters, as well as overall system dynamic characteristics.
Sensitive design variables are identified via correlation analysis, and a Kriging surrogate model
is constructed to approximate nonlinear input–output relationships efficiently. Multi-objective
component optimization is subsequently performed using the surrogate model. Finally,
vibration attenuation and load reduction performances of the baseline and optimized drivetrain
configurations are systematically compared under rated and variable operating conditions.

Keywords: wind turbine transmission system; electromechanical coupling dynamic
model; electromechanical coupling dynamic characteristics; electromechanical
integration design

1. Introduction

Driven by global carbon peaking and carbon neutrality strategies, wind energy
has become one of the most promising renewable energy sources and a strategically
important industry worldwide. As wind turbines continue to develop toward large-scale
and high-power levels, the volume and weight of gearbox–generator units increase
significantly, which increases the load on the tower and brings inconvenience to
installation and maintenance. Therefore, reducing the volume and weight of the
transmission system and improving power density have become important development
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goals. At the same time, optimizing dynamic load characteristics is also critical to
enhance stability and service life.

Substantial research has been conducted on the design parameters of gearboxes,
with particular emphasis on optimizing their volume, weight, and power density. Rubio
et al. [1] analyzed the influence of calculation parameters, such as the module and tooth
width, on the size and weight of a high-power wind turbine epicyclic gearbox following
ISO 6336, providing a theoretical basis for achieving more compact and lighter designs.
Similarly, Llopis-Albert et al. [2] developed a digital twin-based multi-objective
optimization framework that integrates CAD/CAE tools to minimize the weight,
volume, and maximum stresses of wind turbine gearboxes without compromising
efficiency. Their work highlights the trade-offs between competing design variables
to enhance power density. Wang [3] introduced a high power density design approach
for a helical differential gear train by studying its dynamic performance, successfully
reducing power loss and volumewhile improving vibration characteristics. Bußkamp et
al. [4] presented a multiobjective optimization method focused on the micro-geometry
of the high-speed shaft components to reduce the risk of gear and bearing damage
during transient grid faults. Zhou et al. [5] developed a gear transmission optimization
model aimed at minimizing gear center distance while improving gearbox load capacity,
leading tomass reduction viamulti-objective optimization algorithms. Savsani et al. [6]
applied both the ant colony and simulated annealing algorithms to the lightweight
design of a gear transmission system, noting that the simulated annealing method
provided faster and more accurate solutions. Gologlu and Zeyveli [7] minimized the
total volume of a gear transmission system using a genetic algorithm and a penalty
function method. Chen et al. [8] used a hybrid genetic algorithm for lightweight design
of a single straight-cylinder gear reducer. Wei et al. [9] conducted multi-objective
optimization of a multi-power planetary transmission system, aiming to minimize total
volume and variation in gear strength safety factors across stages. Liang et al. [10]
performed lightweight topology optimization of a gearbox based on the variable
density method, using multi-condition strain energy as the objective and volume as
the constraint. Lv et al. [11] studied a 2 MW wind turbine transmission system,
performing sensitivity analysis on elastic support stiffness using ABAQUS and Isight,
followed by stiffness parameter optimization. In summary, the studies referenced
above primarily focus on improving the power density of wind turbine gearboxes and
assessing system reliability from a static perspective, largely overlooking dynamic
performance considerations.

Many scholars have investigated the dynamic performance and reliability
optimization of wind turbine gearboxes. Among them, Lei et al. [12] developed
a hybrid finite element and Hertz contact model for analyzing helical gear load
contact. To reduce transmission vibration and improve durability, a multi-objective
optimization model was established, which was then converted into a single-objective
problem via a weighting coefficient method and solved using a particle swarm
optimization algorithm to determine optimal gear modification parameters. Jouilel et
al. [13] constructed an uncertain physical model based on bond graph theory for a 750
kW horizontal-axis wind turbine gearbox. A comprehensive parameter identification
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across variation intervals was conducted using Monte Carlo simulation, leading to
improved efficiency of the electromechanical transmission system. Bozca [14] aimed
to reduce system excitation by minimizing gear transmission error fluctuation. Using
the peak-to-peak transmission error as the target, the gear transmission parameters
were optimized via sequential quadratic programming, resulting in a 10% reduction
in gear rattling noise. Garambois et al. [15] treated transmission error and mesh
stiffness fluctuation as key excitations and established a multi-objective optimization
model to minimize both the peak-to-peak transmission error and the fluctuation
percentage of mesh stiffness. The Pareto-optimal solution set was obtained using
the NSGA-II algorithm. Liu et al. [16] proposed a gear transmission optimization
model based on dynamic fatigue reliability sensitivity. Zhang et al. [17] developed
a digital twin-driven domain adaptation network for intelligent fault diagnosis of
rolling bearings, effectively ascertaining the health status of critical components.
Liu et al. [18] further contributed by presenting a systematic review of digital twin
frameworks, emphasizing the integration of physical entities, virtual models, and twin
data. Zhou et al. [19] proposed a vibration-based damage monitoring digital twin
(VBDM-DT) for online intelligent assessment of wind turbine gearboxes. Validated
on a 2 MW wind turbine, the approach provides credible and reliable remaining useful
life predictions for gears and bearings. This model was used to identify the optimal
structural parameters that minimize the system volume while satisfying dynamic
fatigue reliability constraints, solved by a genetic algorithm.

The design of permanent magnet synchronous generators, which involves
multiple interdisciplinary fields including electromagnetism, structural mechanics, and
thermodynamics, has been extensively studied to achieve optimization objectives such
as reduced cost, lower weight, higher efficiency, and vibration and noise suppression.
Among them, Öztürk et al. [20] designed and optimized a surface-mounted PMSG
for low-power wind turbines, focusing on the minimization of cogging torque ripple.
Abdoos et al. [21] performed an optimal design of a radial-flux PMSG for direct-drive
wind turbines, maintaining high system efficiency while reducing overall costs. A
key feature of this study was the comprehensive accounting of all energy production
costs, including the manufacturing of the generator, converter, electrical subsystem,
and tower. Alemi-Rostami et al. [22] developed a stepwise design methodology
for direct-drive PMSGs. The generator was modeled using the winding function
method, its output characteristics were analytically calculated, and finally, designs
with enhanced efficiency and power factor were identified through sensitivity analysis
and genetic algorithm-based optimization. Jin et al. [23] investigated a novel
annular winding PMSG, analyzing its no-load electromotive force and dynamic
characteristics under different pole arc coefficients, and subsequently optimized this
parameter. Emami et al. [24] considered multiple PMSG design parameters and
conducted multi-objective optimization aimed at maximizing annual energy yield
while minimizing torque ripple and losses. The proposed analytical model enabled
the study of all possible pole-slot combinations, permanent magnet dimensions, and
key stator geometries against a specific objective function. Mohd-Shafri et al. [25,26]
established a finite element model for a three-phase, 12-slot/8-pole radially magnetized
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PMSG. The motor design was optimized using a method combining a genetic algorithm
with a sub-domain model to improve total harmonic distortion and cogging torque
performance. Sindhya et al. [27] studied the analytical model of PMSGs and solved
a mixed-constraint, multi-objective optimization problem with six objective functions
using an interactive multi-objective optimization approach. Dang et al. [28, 29]
proposed an optimization design method for a 10 MW offshore wind PMSG that
considers its speed and torque distribution. Based on a d-q axis equivalent circuit
model, this method can optimize time-varying control parameters with reduced
computational time. Asef et al. [30] employed a dual-level response surface
methodology to determine the optimal design parameters for maximizing the power
output of an external-rotor surface-mounted PMSG. Additionally, using a simulated
annealing algorithm, a design scheme for minimizing material cost under a constant
volume constraint was identified. Jaen-Sola et al. [31] compared the performance of
steel and composite material structures for a direct-drive PMSG under identical load
conditions and proposed a lightweight structural design scheme.

In current design practice, gearboxes and generators are usually optimized
separately. For gearboxes, many studies focus on volume reduction, lightweight design,
power density improvement, and static reliability analysis. For permanent magnet
synchronous generators (PMSG), research mainly aims at reducing cost, lowering
weight, improving efficiency and suppressing vibration and noise. However, few
studies treat the gearbox and generator as an integrated system for coupled parameter
design. The independent design mode cannot achieve system-level optimal matching,
making it difficult to meet the requirements of high power density and low dynamic
load simultaneously.

To address the above problems, this work develops a two-level hierarchical
mechatronic co-design framework for wind turbine gearbox–generator units. The
proposed approach unifies static performance optimization and dynamic response
refinement, and implements a progressive optimization pathway from global system
matching to local component adjustment. This framework provides a new systematic
method for developing high-performance wind turbine drivetrains.

2. Multi-level integrated design principles for gearbox-generator
systems

The multi-stage integrated design method for the parameters of the wind turbine
gearbox and generator comprises two distinct levels, as shown in Figure 1. The first
stage concentrates on system-level static parameter matching to determine baseline
electromechanical parameters via FEA and numerical iteration. Initial mechanical
and electrical parameters are determined by combining numerical calculation and
automated finite element analysis. Mechanical parameters (transmission ratio,
speed, torque) are coupled with generator parameters through iterative adjustment.
The optimization objectives are to maximize the overall power density of the
gearbox–generator system and minimize the peak-to-peak values of internal
excitations, including time-varying mesh stiffness and electromagnetic excitation
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ripples. To improve computational efficiency, shaft, bearing, and bolt connection
stiffness are not considered in this stage, and FEA is automated through VB scripts.

Figure 1. Flowchart of the multi-level integrated design process for wind turbine transmission
system parameters.

Taking the results of Stage 1 as initial values, the second stage targets
component-level dynamic refinement, where key structural parameters are optimized
using a correlation-based surrogate model and a multi-objective algorithm. Key
parameters include gearbox shaft dimensions, bearing stiffness, spline size, ring
gear connection stiffness, and generator parameters such as air-gap length and slot
opening size. Before optimization, correlation analysis is used to screen sensitive
parameters that significantly affect dynamic responses, thus reducing the optimization
dimension. A Kriging meta-model is then established to capture the nonlinear mapping
between electromechanical parameters and dynamic responses. Finally, the NSGA-II
multi-objective optimization algorithm is used to obtain the optimal parameter set with
excellent dynamic performance.

The detailed electromechanical coupling dynamic model of the wind turbine
gearbox-generator system has been established in previous work [32]. Here, we
summarize the core equations that govern the coupling between the mechanical
drivetrain and the electrical generator, which are used to compute the dynamic
responses in the subsequent optimization.

Mechanical subsystem: The gearbox is modeled as a translational-torsional
lumped-parameter system. The meshing element mainly includes the sun-planet and
planet-ring meshing elements. The dynamic model of the planetary gear system was
constructed using the rotating coordinate system of the planetary carrier rotation. The
translation–torsion dynamic model of the planetary gear mechanism is shown in Figure
2. The dynamic meshing force and time-varying meshing stiffness of the gear are
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calculated by Equation (1):
Fm(t) = km(t)δ(t) + cmδ̇(t)

km(t) = k̄spn +
∑20

t=1
kspntcos(

tπrpnθpn
wpnpbt

2

+ νspn)
, (1)

where km(t) is the time-varying mesh stiffness, cm the mesh damping, and δ(t) is the
dynamic transmission error. The stiffness km(t) is calculated using the energy method
as detailed in Chen et al. [32].

Figure 2. Translation-torsion dynamic model of the planetary gear system.

As shown in Figure 2, the direction from the sun gear to the planetary gear is set
as the positive direction of the meshing line, and the direction from the planetary gear
to the inner ring gear is set as the positive direction of the meshing line. The meshing
deformations of the inner and outer gears of the planetary gear system δrpi and δspi can
be obtained as follows:

δrpn = [(yr − ypn) cos(φrn) + (−xr + xpn) sin(φrn)

+ rr(θr − θc)− rpθpn] cosβ+ (zr − zpn) sinβ+ erpn(t)

δspn = [(ys − ypn) cos(φsn) + (xs − xpn) sin(φsn)

+ rs(θs − θc) + rpθpn] cosβ+ (−zs + zpn) sinβ+ espn(t)

, (2)

where αrp and αsp are the internal and external meshing pressure angles, respectively;
rr, rs, and rp are the radii of the base circle of the ring gear, sun gear, and planetary gear,
respectively; andφrn andφsn can be expressed asφrn = ψn+αrp andφsn = ψn−αsp,
respectively.

Electrical subsystem (PMSG): The permanent magnet synchronous generator is
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described by a nonlinear d-q axis model accounting for magnetic saturation and spatial
harmonics. The variables in the Equations (3) are computed via finite element software
based on the actual generator structure.



Ud = R id + [Ld(id, iq ) did
dt + id

dLd(id,iq)
dt +

dφ1(id,iq)
dt ]− ωrLq (id, iq) iq +

∑Λ
k=1

∑Ω
h=1 φdftωr sin ft,

Uq = R iq +
[
Lq (id, iq)

diq
dt + iq

dLq(id,iq)
dt

]
+ ωrLd (id, iq) id + ωrφ1 (id, iq) +

∑Λ
k=1

∑Ω
h=1 φqftωr sin ft,

Te =
3pn
2 { φ1 (id, iq) iq + [ Ld (id, iq)− Lq (id, iq)]idiq +

∑Λ
k=1

∑Ω
h=1 φdftid sin ft +

∑Λ
k=1

∑Ω
h=1 φqftiq sin ft } ,

Fr(θ, t) =
1
2µ

(
B2
r (θ, t)−B2

t (θ, t)
)
,

Ft(θ, t) =
1
2µBr(θ, t)Bt(θ, t).

(3)

where Ud and Uq are the d- and q-axis voltages, id and iq are the d- and q-axis currents,
ωro is the generator rotor speed, R is phase resistance, Te is the electromagnetic torque,
ft is the harmonic frequency of the electromagnetic excitation frequency, and fe is the
electromagnetic excitation frequency.

The electromechanical coupling dynamic model of the wind turbine drivetrain
is established by integrating the dynamic submodels of each component and the
internal/external excitation models. From an energy perspective, the energy conversion
process in the generator occurs via the air-gap magnetic field as the coupling
field, sequentially converting mechanical energy into magnetic energy and then into
electrical energy. By establishing the linkage between the mechanical and electrical
systems, an electromechanical-rigid-flexible coupling dynamic model of the integrated
gearbox-generator transmission system is obtained, as given in Equation (4).

Numerical simulation models of the three-phase permanent magnet synchronous
generator (PMSG) and the multistage gear system are separately constructed using
numerical computation software. Combined with the vector control method, the
generator torque and rotational speed are used as real-time coupling variables between
the gear system and the generator. Specifically, the electromagnetic torque and the
rotor speed serve as common variables that are transferred between the two subsystems
in real time. The model is solved in the MATLAB/Simulink environment using the
built-in ode45 solver (a fourth-order/fifth-order Runge-Kutta algorithm).

(
Ma +Msa(X) 0

0 Mc

)(
Ẍa

Ẍc

)
+

(
Ca + Csa(X) + Cm(X) 0

0 Ch

)(
Ẋa

Ẋh

)

+

(
Ka +Ksa(X) +Km(X) +Kbe11 −Kbe12

−Kbe21 Kh +Kbe22

)(
Xa

Xh

)
= F (t) + Fsa(Xa),

U = RI + dψ
dt = RI + LdIdt +

dL
dθro

ωrI,

Fr(θ, t) =
1
2µ(B

2
r (θ, t)−B2

t (θ, t)),

Ft(θ, t) =
1
2µBr(θ, t)Bt(θ, t),

Tin =
1
2ρπR

5
tur(

1
λopt

)3Cpw
2
tur,

Te =
3np

2 {φr(id, iq)iq + [Ld(id, iq)− Lq(id, iq)]idiq+....}.

(4)
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3. Static-performance-driven integrated design

3.1. First-level parameter integration

In this study, a multi-objective optimization framework is developed for the
integrated gear-train and generator design of direct-drive wind turbines. As shown in
Figure 3, the initial gear and generator parameters are determined via physics-based
numerical models incorporating torque-speed relationships, power density constraints,
and material fatigue limits. To minimize computational cost, generator performance
is evaluated only after the gear parameters satisfy all mechanical constraints, as finite
element analysis (FEA) of the generator is computationally intensive. Annual wind
speed data measured at 120 m height are used to determine the turbine’ s turbine’
s optimal operating speed, thereby deriving the corresponding torque and power
input to the gear transmission. NSGA-II is employed to optimize the following
gear design variables: sun and planet gear tooth counts, face width, module, and
pressure angle. Following constraint satisfaction, the following performance metrics
are computed: friction loss, transmission efficiency, system volume, and time-varying
mesh stiffness. The transmission ratio, generator rotational speed, and output torque
are computed based on the optimized gear geometry. Standard electromagnetic design
methods are applied to determine pole pairs, stator slot count, rotor diameter, and
core length. A spatial constraint is imposed such that the stator outer diameter must
not exceed the inner diameter of the high-speed-stage internal gear ring. Generator
parameters are imported into FEA scripts for verification. If all constraints are
satisfied, electromagnetic torque, radial force, output power, and iron loss are
extracted; otherwise, the generator design variables are adjusted and re-optimized.
The multi-objective optimization aims to maximize power density and minimize the
peak-to-peak amplitudes of: (1) time-varying mesh stiffness, (2) electromagnetic
torque ripple, and (3) electromagnetic radial force ripple. Following convergence,
the Pareto-optimal front is generated. A final design is selected based on a weighted
trade-off between power density, vibration suppression, and manufacturability.

3.2. Integrated optimization model and variable selection

Wind turbine drivetrain design is a typical multi-objective optimization problem
with conflicting objectives. In this paper, the NSGA-II algorithm is adopted to obtain
a well-distributed Pareto front.

Design variables include key geometric parameters of the three-stage planetary
gear system and the PMSG. For the gear system, variables include tooth numbers,
module, and face width of sun and planet gears. For the generator, variables include
stator outer/inner diameter, air-gap length, pole arc coefficient, permanent magnet
dimensions, slot width, core length, and phase current. Consequently, these parameters,
along with key coefficients from their governing equations, are selected as the primary
design variables. Detailed variable and value ranges are listed in Table 1.
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Figure 3. First-level integrated design of gearbox-generator parameters.

Table 1. Gear and generator system design parameter.

Optimization variables Indexing Optimization range

Low-speed planet gear system

Tooth number of sun gear Zs1 x1 [17, 65]
Tooth number of planet gear Zp1 x2 [17, 45]

Modulus mn1 x3 First and Second Series
Gear width b11 x10 [0.25, 0.75]

Medium-speed planet gear system

Tooth number of sun gear Zs2 x4 [17, 65]
Tooth number of planet gear Zp2 x5 [17, 45]

Modulus mn2 x6 First and Second Series
Gear width b22 x11 [0.15, 0.60]

High-speed planet gear system

Tooth number of sun gear Zs3 x7 [17, 65]
Tooth number of planet gear Zp3 x8 [17, 60]

Modulus mn3 x9 First and Second Series
Gear width b33 x12 [0.08, 0.4]
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Table 1. Cont.

Optimization rangeIndexingOptimization variables

Generator system

Stator outer diameter Dso/mm x13 [1,000, 3,000]
Air gap length Gap/mm x14 [1, 16]
Pole Arc Coefficient xα 15 [0.5, 0.9]

Electrical frequency f e/Hz x16 [50, 100]
Number of slots per phase per pole xq 17 [1, 8]

Thickness of the permanent magnet Wt/mm x18 [5, 40]
Width of the permanent magnet, Wm/mm x19 [17, 65]

Pitch x20 [1, 15]
Width of the stator slot Sw1/mm x21 [8, 35]
Height of the stator slot Sw4/mm x22 [40, 120]

Core length H/mm x23 [300, 1,200]
Stator phase current Ia/A x24 [6,000,12,000]

[x1, x2, x3, x4, x5, x6, x7, x8, x9, x10, x11, x12, x13, x14, x15, x16, x17, x18, x19, x20, x21, x22, x23, x24] =

[zs1, zp1,mn1, zs2, zp2,mn2, zs2, zp2,mn3, b11, b22, b33, Dso, Gap, α, fe, q,Wt,Wm, P itch, Sw1, Sw4,H, Ia].
(5)

Where, zs1 and zp1 denote the tooth numbers of the sun and planet gears in the
low-speed stage, with mn1 and b11 being their module and face width; zs2 and zp2
represent those for the medium-speed stage, with mn2 and b22 as the corresponding
module and face width; and zs3, zp3, mn3, b33 are the analogous parameters for the
high-speed stage. As illustrated in Figure 4, Dso and Dsi denote the outer and inner
diameters of the stator, respectively, and H represents the stack length. Sw4 refers to
the yoke width of the stator core, while Sw1 and Sw2 designate the stator slot width
and slot opening width, respectively. Gap is the air gap length, ST the slot depth, and
Wt and Wm the thickness and width of the permanent magnet. Dro and Dri indicate the
outer and inner diameters of the rotor.

Figure 4. Structural parameters of the permanent magnet generator.
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3.3. Optimization objectives for the integrated system
The annual average wind speed of the target wind farm is 7.8 m/s, and the wind

turbine operates in the range of 4–20 m/s. Since rated operating conditions (10–20 m/s)
last the longest, optimization is mainly carried out based on rated conditions. The core
optimization objectives are:

1. Maximize the volumetric power density of the gearbox–generator system.
2. Minimize the peak-to-peak values of time-varying mesh stiffness for all gear

stages.
3. Minimize the peak-to-peak values of electromagnetic torque ripple and

electromagnetic radial force ripple.

Power density is defined as the ratio of net output power to total system volume,
considering gear meshing loss, bearing loss, generator iron loss, copper loss, and stray
loss.

F (x) = 0.4×max(P1) + 0.1×min(km1_peak) + 0.1×min(km2_peak)

+0.1×min(km3_peak) + 0.15×min(Te_peak) + 0.15×min(Fr_peak).
(6)

Where F(x) represents the optimization objective function, P1 represents the power
density of the system, km1_peak, km2_peak and km3_peak represent peak-to-peak
time-varying mesh stiffness of gear systems, Te_peak represent peak-to-peak
electromagnetic torque, Fr_peak represent peak-to-peak electromagnetic radial force
(Figure 5).

Figure 5. Annual wind speed condition of a wind farm.

Integrated system optimization design objective—Power density

In traditional optimization designs, the volume or mass of the wind turbine
drivetrain system is used as the optimization objective, but this can result in sacrificing
some power, making the optimization process limited. Therefore, this paper adopts the
overall power density of the wind turbine drivetrain as the optimization objective. The
system output power Pout refers to the rated output power of the generator. Based on
these volume and power definitions, the overall system power density is formulated as:
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

P1 =
Pout
V

V=
∑3

i=1
Vmi + Vg

Vmi =
(mnizsi

2

)2
bsi +

(mnizpi
2

)2
bpinpi +

(
Dnfi +Bi

2

)2

bni

Bi = −
(
3 (Dnfi −Dbni)−

bni[σ]

Fti × 106

)
+

√(
3 (Dfni −Dbni)−

bni[σ]

Fti × 106

)2

− 12bni

Vg = Vs + Vro + Vp

Vs =
Hπ((D2

so −D2
si)

4
− Sw1 ∗ Slots(

Dso −Dsi

2
− Sw4))

Vro = πH
(D2

ro −D2
ri)

4

Vp = HWtWm.

(7)

Here, Vmi denotes the volume of the i-th stage gear system volume, (with i = 1, 2, 3
corresponding to the low-, medium-, and high-speed stages, respectively), This includes
design parameters such as the number of planet gears npi, the root circle diameter Dnfi

and thickness Bi of the ring gear, [σ] represents the allowable stress of the gear material,
Dbni represents the pitch circle diameter of the ring gear. The generator volume Vg

consists of the stator volume Vs and the generator rotor volume.
The operation of a wind turbine generator involves the conversion of wind energy

into mechanical energy, which is subsequently transformed into electrical energy, with
inherent energy losses occurring throughout this process. This study focuses on the
following loss types: gear meshing losses, bearing losses, as well as generator iron
losses, copper losses, and mechanical losses. The actual output power of the wind
turbine drive system needs to consider the actual losses in the gear system and the
generator system. This can be expressed as follows:Pin =

π

2
CpρR

2v3

Pout = Pin − Pgloss − Pinηmηn

. (8)

Within the gear system, the main losses include those from gear meshing, bearings,
and oil churning. Among these, the power loss due to gear meshing constitutes the
dominant portion of the total power loss in the gear transmission system. The gear
meshing efficiency loss can be expressed by Equation (9):

ηm = 1− µmzHv

Hv =
(i± 1)π

z1icos(β)
(1− εa + ε21 + ε22)

εa =
1

2π
[z1(tanαat1 − tanα

′
t)± z2(tanαat2 − tanα

′
t)]

ε1 =
z1
2π

∣∣∣tanαat1 − tanα
′
t

∣∣∣
ε2 =

z2
2π

∣∣∣tanαat2 − tanα
′
t

∣∣∣ .
(9)
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Where µmz represent average coefficient of friction during meshing, generally takes a
value between 0.06 and 0.10. Hv represent power loss factor. For external meshing,
take ‘+’, for internal meshing, take ‘−’, i is the gear ratio, z1 is the number of teeth on
the driving gear, β is the helix angle, εa is the total face contact ratio, ε1 is the face
contact ratio at entry, and ε2 is the face contact ratio at exit. αat1 represent addendum
circle pressure angle, α′

t represent meshing angle.
When the number of planet gears is equal to or greater than three, only bearing

losses of the planet gears are considered, and the bearing efficiency ηn can be calculated
using the bearing loss coefficient ψn.

ηn = 1− irs
irs + 1

ψn, irs =
zr
zs

ψn =

∑k
i=1 Tnini
Tsns

, Tn =
0.5µFd

1000

. (10)

Where Tni represents the friction torque of the bearing, ni is the rotational speed of the
bearing, Ts is the output shaft torque, ns is the rotational speed of the output shaft, k is
the number of planet gear bearings; μ is the bearing friction coefficient (in this article,
μ is taken as 0.0011); F is the load acting on the bearing, d is the inner diameter of the
bearing.

The main losses in the generator consist of iron losses Pir, stator armature
losses Pcu, and stray losses Pstray, as given in Equation (11). Iron losses induced by
time-varying magnetic flux density can be classified into three components: hysteresis
loss, eddy current loss, and excess loss. In this study, excess loss is incorporated into the
stray loss category. Core loss calculation is performed using the finite element method,
accounting for the nonlinear magnetic saturation behavior of the core material. Stray
losses, also referred to as mechanical losses, are estimated at 3% of the total mechanical
power input to the generator.

Pgloss = Pcu + Pir + Pstray

Pir = (Pet + Pht)Vt + (Pey + Phy)Vy

Pet =
4m

π2
qkqklke(wrBt)

2

Pey =
8

απ2
qkekγ(wrBe)

2

Pht = khwrB
β
t

Phy = khwrB
β
e

Be =

√
2pUe

πwrrsHNka
, Bt = (1− λs)Be, Bd =

rsπ

2pdb
Be

Pcu = 3RaI
2
a

Ra = NslotNρ(2H + πWs)

Pstray = 3%Trowro.

(11)

Where Vt and Vy denote the total volumes of the stator teeth and stator yoke,
respectively. The corresponding unit-volume losses are expressed by Pet and Pht for
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the eddy current and hysteresis losses in the stator teeth, and Pey and Phy for those in
the stator yoke. The electromagnetic and structural parameters include: the number
of phases, m; ke represents the eddy current coefficient; kq represents the correction
coefficient related to electrical symmetry; kl represents the motor correction coefficient;
q represents the number of slots per pole per phase; kh represents the hysteresis
coefficient; β is the Steinmetz coefficient, determined by the material. air gap magnetic
density Be, the stator tooth magnetic density Bt, and the stator yoke magnetic density
Bd, p represents the number of pole pairs of the generator; Ue represents the air-gap
voltage; wr represents the angular velocity of the rotor; rs represents the inner diameter
of the stator; N represents the number of turns in the coil. λs represents the short pitch
coefficient; db represents the width of the stator yoke. ρ represents resistivity of the
winding, Nslot represents generator slot count.

The main parameters affecting the dynamic performance of the system are
the peak-to-peak values of the generator’s electromagnetic torque fluctuation,
electromagnetic radial force fluctuation, and the time-varying meshing stiffness
peak-to-peak values of the gear system. The electromechanical coupling dynamics
model can be seen in Chen et al. [32]. For calculating the electromagnetic torque of a
permanent magnet synchronous generator (PMSG), it is known that the electromagnetic
torque of a PMSG is derived from the d-axis and q-axis currents and the flux linkage.
Since the flux linkage is a function of the currents, controlling the d-axis and q-axis
currents can achieve torque tracking. Through the methods described in Chen
et al. [32]. For calculating electromagnetic torque and electromagnetic radial force,
the peak-to-peak values of electromagnetic torque and electromagnetic radial force
can be obtained. The peak-to-peak values of time-varying meshing stiffness in the
gear system are calculated using the energy method, which can refer to the calculation
formula for time-varying meshing stiffness in the internal excitation model of the gear
system presented in Chen et al. [32].

Te_peak = Te_max − Te_min
ksp1_peak = ksp1_max − ksp1_min
ksp2_peak = ksp2_max − ksp2_min
ksp3_peak = ksp3_max − ksp3_min
Fr_peak = Fr_max − Fr_min

. (12)

3.4. Design constraints for integrated system parameters
The design constraints for the wind turbine gearbox–generator drivetrain system

are categorized into two groups: those imposed on the basic parameters of the gear
system and those applied to the structural parameters of the generator. The constraints
related to the gear system are further divided into structural assembly constraints
and static strength constraints. Structural assembly constraints include concentricity,
assemblability, and adjacency conditions, while static strength constraints encompass
the diameter-to-width ratio, bending fatigue strength at the tooth root, and surface
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contact fatigue strength. The constraint equations are as follows:

zs + zp
cos(αsp)

− zr − zp
cos(αrp)

= 0

zs1 + zr1
n

= Integer number

zp + 2(h∗a + xp)− (zs + zp) ∗ sin(
π

n
) ≤ 0

0.4mt − Sai ≤ 0

αt −
n(h∗a − xs)

zssin2αt
− tanαsp +

zp
zs
(tanαap − tanαsp) ≤ 0

zr(invαar + δr)− zp(invαap + δp)− (zr − zp)invαrp ≤ 0

zr
zp

arcsin
√√√√√√(
(
cosαar
cosαap

)2
− 1)

(
(
zr
zp

)2
− 1)

+ invαar − invαrp



−

arcsin
√√√√√√(1−

(
cosαap

cosαar

)2
)

(1−
(
zp
zr

)2
)

+ invαap − invαrp

 ≤ 0

. (13)

Where Sai represents the tooth tip thickness of the sun gear, planet gear, and ring gear.
αt represents pitch circle pressure angle of sun and planet gear, αas, αap, αar represents
addendum circle pressure angle of sun, planet gear, and ring gear.

The primary input variables for the permanent magnet generator design include
the rated power range, rated frequency, line voltage, and number of phases. Based on
these inputs, key operational parameters such as the rated speed, torque, and number of
pole pairs are derived using relevant analytical formulations. The main dimensions of
the generator—specifically, the stator inner diameter and the effective core length—are
determined with consideration to both economic feasibility and operational rationality,
as these dimensions directly influence generator performancemetrics such as efficiency
and power factor (Table 2).

Table 2. Generator system basic parameter range.

Names Symbols Value of number

Design Input Variables

Line Voltage UL-L 1,200 V
Rated Power PN 8.25~8.6 MW

Tooth Flux Density of Stator Bt 1.1~2.2 T
Yoke Flux Density of Stator Bd 1.1~2.2 T
Slots per Pole per Phase q 2~5

Design Assumption Parameters

Generator Line Load A 200~650 A/cm
Current Density Js 3~4.7 A/mm2

Utilization Factor of Permanent Magnets cv 0.4~0.6
Coercivity of Permanent Magnets Hc 7 × 105 AT/m

Remanent Flux Density Br 0.8~1.2 T
Maximum Air Gap Flux Density Bg 0.7~0.9 T

The performance of a permanent magnet generator is largely determined by basic
parameters such as pole pair number, phase current, and stator slot count, with the
air gap length being especially critical. The governing relationship for the air gap is
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provided in Equation (14).
2pn =

120fe
nN

, Slots = 2pnmq

IN =
PN ∗ 10−3

√
3UNcosφ

1 ≤ Gap ≤ 16

. (14)

Where pn represents number of pole pairs, IN represents RMS phase current, UN
represents RMS phase voltage, Slots represents number of stator slots.

The basic structural dimensions of a permanent magnet generator, such as the
stator inner diameter, rotor outer diameter, and permanent magnet geometry, can be
determined from empirical formulas. A key design consideration is the permanent
magnet volume, which is a function of the air-gap power and the magnet material.
Consequently, the careful selection of the magnet’s width and length is essential, as
expressed in Equation (15):

Dsi =

√
6.1PN

αpKBKw1ABgnNH

Dro = Dsi − 2GAP − 2Wt, Dri = (0.5 ∼ 0.85) ∗Dro

N =
AπDro
mIN

, Ns =
Nma

Z

τ = πDsi/2pn

Vgm = cv
Pag

BrHfe

wm1 =
gBgksat

µ0H(1− Bg

Br
ksat), wm2 =

ack1kjDπ
2pH

wt =
gBg

Br −Bg
,
wm
wt

≤ 15

. (15)

Where N represents the number of conductors in series per phase, Ns represents the
number of conductors per slot, αp represents the number of parallel paths, Z represents
the number of stator slots, cv represents the utilization factor of permanent magnets,
ksat represents the saturation factor, kj represents the distribution factor, wm1 and wm2

represent the minimum and maximum widths of permanent magnets, α represents the
pole arc coefficient, KB represents the waveform factor of the magnetic field, Kw1

represents the armature fundamental winding factor, A represents the generator line
load, Bg represents the maximum air gap flux density, nN represents the generator
rotor speed.

3.5. Analysis and results of the integrated optimization
The NSGA-II algorithm is used with a population size of 32 and maximum

iterations of 90, converging after 1,680 effective evaluations. Figure 6 shows
the resulting Pareto front, visualized in terms of power density, peak-to-peak
electromagnetic torque, and peak-to-peak time-varying meshing stiffness of the
high-speed stage. To validate the feasibility of the optimization outcomes, three
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design schemes were selected from the Pareto front, as summarized in Table 3. The
corresponding transmission ratios for these schemes are 78.36, 67.53, and 125.44,
respectively. Three design schemes are selected for comparison, as listed in Table 3.

Figure 6. Pareto frontier solution.

Table 3. The optimized design scheme.

Initial
design

Optimized
design one

Optimized
design two

Optimized design
three

Low-speed Gear system

41/43/12755/43/14144/40/12447/31/107Number of tooth
21202024Modulus/mm
420378380490Tooth width/mm
5557Number of planet gear

Medium -speed Gear system

25/45/11542/34/11019/33/8527/31/89Number of tooth
20201823Modulus/mm
295300280350Tooth width/mm
4444Number of planet gear

High-speed Gear system

30/54/13818/30/7856/49/15434/43/122Number of tooth
1114913Modulus/mm
200240180230Tooth width/mm
3333Number of planet gear

Permanent magnet generator

4888Pair of poles
96192192192Number of tooth space
100100125100Electrical frequency /Hz

1,630/2,1201,930/2,0021,663/1,9951,830/2,160Stator inside and outside diameter /mm
26.7131914Slot width /mm
25/30315/256.616/36830/312.3Permanent magnet width and length /mm

458.56Gap length /mm
912910Pitch
469843375570Core length /mm
8,50011,0001,1509,762.5Phase current /A
1,400680850700Rated speed /r/min

Figure 7 compares the three design schemes in terms of power density,
peak-to-peak electromagnetic torque fluctuation, and peak-to-peak time-varying
meshing stiffness. Compared to the original design, Optimization Scheme One
achieves a 35% improvement in power density. The peak-to-peak electromagnetic
torque and electromagnetic radial force are reduced by 54% and 47%, respectively,
while the peak-to-peak time-varying meshing stiffness decreases by 43%, 57%, and
32% for the low-, medium-, and high-speed stage external meshing, respectively.
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Optimization Scheme Two yields a modest 2% increase in power density. It
achieves greater reductions in electromagnetic torque fluctuation (62%) and moderate
improvements in radial force (33%). The reductions in time-varying meshing stiffness
are 47%, 48%, and 34% across the three stages. Optimization Scheme Three shows
a 27% gain in power density, along with the highest reduction in electromagnetic
torque fluctuation (63.9%) and a 50% decrease in radial force. The reductions in
time-varying meshing stiffness are 45%, 34%, and 4% for the three stages. Further
analysis reveals that gear meshing losses can be reduced by decreasing and balancing
the engagement and exit overlap ratios. For the generator, higher rotational speeds lead
to a more compact size, longer core length, and lower flux density, thereby reducing
iron losses. It should be noted that higher-speed designs may require enhanced cooling
and rotor retention, which are not modeled in this study. Based on a comprehensive
evaluation of all performance metrics, optimization scheme one is selected as the
optimal integrated design.

(a) Power density (b) Electromagnetic torque peak value (c) Radial force peak value

(d) Low-speed stage (e)Medium-speed stage (f) High-speed stage

Figure 7. Target value changes under various scenarios.

4. Dynamic performance-driven co-design of gearbox and generator
parameters

4.1. Co-design process for second-level electromechanical parameters
Based on the optimal parameters of Stage 1 (Scheme 1), a refined

electromechanical coupling dynamic model is used to analyze the influence of
mechanical parameters (bearing stiffness, shaft size, spline size) and generator
parameters (air-gap length, slot opening size, pole pitch) on system dynamic responses.
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Theworkflow is shown in Figure 8. Sensitive parameters are determined by correlation
analysis. Optimal Latin hypercube sampling (OLHS) is used to generate training and
test samples. A Kriging meta-model is constructed to improve optimization efficiency.
Finally, the NSGA-II algorithm is used to perform multi-objective optimization for
vibration suppression and load attenuation.

Figure 8. Dynamic performance optimization procedure based on a surrogate model.

4.2. Impact of electromechanical parameters on dynamic behavior

Based on the first-level integrated electromechanical design (Scheme 1), a
correlation analysis was performed to evaluate the influence of gear system and
generator parameters on gear dynamic loads, bearing support forces, and component
vibration characteristics. Employing the refined electromechanical coupling dynamic
model of the drive chain developed in Chen et al. [32], this study analyzes how
electromechanical parameters affect system dynamic performance. The analysis
specifically addresses the effects of mechanical structural parameters—such as bearing
support stiffness, hollow shaft dimensions, and spline size—as well as generator
parameters, including stator slot geometry, slot opening size, and air gap length, on the
dynamic response of the wind turbine drive train. To enhance computational efficiency,
housing structural characteristics were omitted from the dynamic model in this section.

First, system response metrics were defined as performance indicators. In this
study, these include the peak-to-peak values of system acceleration, dynamic meshing
force, and bearing support reaction force. The specific performance evaluation metrics
are summarized in Table 4 below:
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Table 4. Gearbox-generator system performance evaluation index.

Name NameWeight factorSymbols Weight factorSymbols

Medium-speed ring vibration acceleration
amplitude

P1 0.1 Medium-speed planet carrier bearing
support force amplitude

P6 0.05

High-speed ring vibration acceleration
amplitude

P2 0.1 High-speed planet carrier bearing support
force amplitude

P7 0.1

Generator bearing vibration acceleration
amplitude

P3 0.15 P8Generator bearing support force amplitude 0.1

Generator rotor torsional acceleration
amplitude

P4 0.15 Dynamic meshing force of medium-speed
stage amplitude

P9 0.1

Low-speed planet carrier bearing support
reaction amplitude

P5 0.05 Dynamic meshing force of high-speed stage
amplitude

P10 0.1

4.2.1. Influence of structural parameters on system dynamics

The input parameters considered in this study encompass meshing, structural,
support, and connection parameters. Table 5 summarizes the identification indices,
baseline values, and upper and lower bounds for each parameter. An orthogonal
experimental design was employed, with each variable uniformly sampled at 25 distinct
levels to perform the computations.

Table 5. Input design variables of the transmission system.

Input parameter Name Upper and lower limitsInitial valueUnitSymbol

Structural parameter

Low-speed sun gear outside diameter x1 m 0.72 [0.32, 0.96]
Low-speed sun gear inner diameter x2 m 0.35 [0.13, 0.53]

Medium-speed sun gear outside diameter x3 m 0.64 [0.2, 0.6]
Medium-speed sun gear inner diameter x4 m 0.25 [0.06, 0.32]

Generator rotor outside diameter x5 m 0.6 [0.25, 0.75]
Generator rotor inner diameter x6 m 0.3 [0.1, 0.4]

Join parameter

Medium speed stage planet carrier spline connection outside diameter x7 m 0.7 [0.35, 1.05]
Medium-speed stage planet carrier spline connection inner diameter x8 m 0.4 [0.14, 0.6]
High-speed stage planet carrier spline connection outside diameter x9 m 0.65 [0.32, 0.98]
High-speed stage planet carrier spline connection inner diameter x10 m 0.4 [0.13, 0.5]

Low-speed ring gear bolt connection stiffness x11 9 × 10N/m 11 [8 × 1010, 1.6 × 1012]
Medium speed ring gear bolt connection stiffness x12 8 × 10N/m 11 [5 × 1010, 1 × 1012]
High-speed ring gear bolt connection stiffness x13 7 × 10N/m 11 [4 × 1010, 8 × 1011]

Low speed stage
Planet carrier bearing support stiffness x14 1 × 10N/m 11 [4 × 1010, 2.4 × 1012]
Planet gear bearing support stiffness x15 7 × 10N/m 8 [1 × 108, 4.2 × 109]

Medium speed stage
Planet carrier bearing support stiffness x16 9 × 10N/m 10 [6 × 109, 3.6 × 1011]
Planet gear bearing support stiffness x17 6.05 × 10N/m 9 [6.05 × 108, 3.6 × 1010]

High-speed stage
Planet carrier bearing support stiffness x18 5.6 × 10N/m 10 [2 × 109, 1.2 × 1011]
Planet gear bearing support stiffness x19 2 × 10N/m 9 [2 × 108, 1.2 × 1010]

Generator Bearing support stiffness x20 1.9 × 10N/m 9 [9 × 107, 5.4 × 109]

To quantitatively assess the influence of variations in structural parameters on
dynamic performance metrics, the correlation coefficient Rxy for each parameter was
computed using Equation (16). Values of Rxy closer to 1 indicate a stronger association
between the structural parameter and the system performance. A correlation coefficient
greater than or less than 0 indicates a positive or negative correlation, respectively.

Rxy =

∑
(Xi −Xi)(Yi − Y i)√∑

(Xi −Xi)2
√∑

(Yi − Y i)2
. (16)
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Where Yi represents performance index, Xi represents structural parameter.
Figure 9 shows the top ten structural parameters by their correlation with the

generator rotor’s translational and torsional accelerations. The analysis shows that the
generator rotor outer diameter (x5), the bearing support stiffness of the high-speed-stage
planet gear (x19), and that of the medium-speed-stage planet gear (x17) emerged as the
most influential parameters.

(a) Torsional angular acceleration (b) Peak value of vibration acceleration

Figure 9. Correlation analysis on angular and vibration acceleration of the generator rotor.

Figure 10 shows the correlation analysis of different structural parameters with
the vibration acceleration of the medium- and high-speed stage internal ring gears. It
can be seen that the key parameters affecting the vibration performance are the bolt
connection stiffness of the internal ring gears at each stage (x12, x13) and the support
stiffness of the planetary gear bearings at each stage (x17, x19).

(a) Vibration acceleration of medium speed ring gear (b) Vibration acceleration of high speed ring gear

Figure 10. Correlation analysis on vibration acceleration of ring gear.

Figure 11 shows the correlation analysis between various mechanical
structural parameters and the peak-to-peak dynamic meshing forces at the high- and
medium-speed stages. The results indicate that the dominant parameters influencing
the high-speed stage dynamic meshing forces are the bearing support stiffness of the
high-speed planet gear (x18), the carrier bearing support stiffness (x19), and the outer
diameter of the generator rotor shaft segment (x5). For the medium-speed stage, the
key influencing parameters are the bearing support stiffness of the medium-speed
planet gear (x17), the carrier bearing support stiffness (x16), and the outer diameter of
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the medium-speed sun gear shaft segment (x3). Regarding bearing support reactions,
the generator bearing force is primarily affected by the bearing support stiffness of the
high-speed planet gear (x19), the carrier bearings (x18), the generator bearings (x20),
and the outer diameter of the generator rotor shaft (x5). The bearing support reaction
force on the medium-speed carrier is mainly influenced by the outer diameter of the
low-speed sun gear shaft (x1) and the bearing support stiffness of the medium-speed
planet gear (x16), medium-speed carrier (x17), and high-speed carrier (x18).

(a) High-speed stage meshing force peak value (b)Medium-speed stage meshing force peak value

(c) Generator bearing support force (d)Medium speed planet carrier bearing support force

Figure 11. Correlation analysis between mechanical structural parameters and meshing forces
and bearing forces.

4.2.2. Influence of generator structural parameters on system dynamic
performance

While maintaining constant operational performance of the permanent magnet
generator—that is, ensuring that the output power and average electromagnetic torque
satisfy the prescribed constraints—a correlation analysis was carried out to evaluate the
influence of key generator structural parameters on system dynamic performance. The
value ranges for each structural parameter are provided in Table 6 below.

Table 6. Design variables and their ranges for the electrical machine system.

Upper and lower limitsInitial valueUnitSymbolInput parameter

Pitch x1 [1, 12]9-
Air gap x2 [2, 15]8.5mm
Slot width x3 [1, 30]16.5mm

Opening slot width x4 [2, 19.1]19.1mm
Stator core back width x5 [50, 160]86.7mm

Tooth slot depth x6 [1, 40]18mm
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Figure 12 presents the correlation between generator structural parameters and
the torsional and translational vibration accelerations of the generator rotor. The
results indicate that the rotor vibration performance is predominantly influenced by
the generator air gap length (x2), pole pitch (x1), and slot width (x3).

(a) Angular torsional acceleration (b) Vibration acceleration

Figure 12. Correlation analysis on vibration acceleration of generator rotor.

Figure 13 shows the correlation of generator structural parameters with the
peak-to-peak dynamic meshing forces at the medium- and high-speed stages. It can
be observed that the dynamic meshing forces and bearing support reaction forces are
mainly affected by the generator air gap length (x2), pole pitch (x1), slot width (x3), and
stator core back width (x5).

(a) Generator bearing support force (b) high speed planet carrier bearing support force

Figure 13. Correlation analysis of electrical machine parameters with meshing forces and
bearing forces.

4.3. Development of a Kriging surrogate model and optimization
objectives
The dynamic performance optimization of the wind turbine generator drive system

aims to reduce vibration intensity across components, minimize fluctuations in dynamic
meshing forces, and decrease bearing support reaction forces. The specific optimization
criteria are summarized in Table 4, while the parameters and constraint ranges for the
multi-objective optimization of the integrated gearbox–generator system are provided
in Table 7. The corresponding objective functions and constraints are mathematically
formulated as follows:
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

vars: X = [X1,X2, X3, X4, X5, ...., X15,X16]

min: F(X) = w1
FP1(X)

sfp1
+ w2

FP2(X)

sfp2
+ w3

FP3(X)

sfp3
+ w4

FP4(X)

sfp4
+ w5

FP5(X)

sfp5

+ w6
FP6(X)

sfp6
+ w7

FP7(X)

sfp7
+ w8

FP8(X)

sfp8
+ w9

FP9(X)

sfp9
+ w10

FP10(X)

sfp10

s.t. : lb ≤ X ≤ ub

8× 106 ≤ mean(Power) ≤ 8.75× 106

1.0× 105 ≤ mean(Te) ≤ 1.7× 105

, (17)

where FPi(X) represents the objective function, sfpi represents the scale factor, wi
represents the target weight, mean(Power) represents the average output power
of a generator under rated operating conditions, mean(Te) represents the average
electromagnetic torque under rated operating conditions.

Table 7. Integrated system optimization variables.

Optimization variable Symbols Value range

Gearbox structure parameter

Sun gear outside diameter (low speed, medium speed)/m X 1, X 2

Refer to Table 5

Outside diameter of generator rotor/m X 3
Ring gear connection stiffness(low, medium and high speed)/N/m X 4, X 5, X 6,

Planet carrier bearing stiffness (low speed, high speed)/N/m X 7, X 8,
Planet gear bearing stiffness(medium, high speed)/N/m X 9, X 10

Generator bearing support stiffness/N/m X 11

Generator structure parameter

Pitch X 12

Refer to Table 6
Air gap/mm X 13
Slot width/mm X 14

Stator core back width/mm X 15

The accuracy of a surrogate model is strongly influenced by the distribution and
quantity of sample points in the design space. A sufficient number of uniformly
distributed samples can effectively capture the global behavior of the actual system.
In this study, the optimal Latin hypercube sampling (OLHS) method was employed
to generate sample points. OLHS is a stratified sampling technique that ensures
full coverage of all variable ranges with minimal samples, as described in He [33].
Sampling was performed within the predefined bounds of the design variables, with
the additional requirement that all samples satisfy the specified constraint conditions.
Figure 14 shows the distribution of variable samples after random sampling and
constraint application. A total of 640 sample points were generated using the OLHS
method. Among these, 600 points were selected as training samples via the maximum
discrepancymethod (shown as blue squares), and the remaining 40 points were reserved
for testing (marked as red stars).

In this paper, the Kriging method is selected to establish a surrogate model for the
system. This method exhibits good continuity and differentiability due to its correlation
function, providing excellent local estimation capabilities and a better approximation
effect for nonlinear complex problems. The Kriging method is a type of interpolation
method that predicts unknown observation points based on known points. The accuracy
of the Kriging surrogate model can be evaluated using the coefficient of determination
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(R2). The closer (R2) is to 1, the higher the similarity between the surrogate model and
the original model. Figure 15 shows the (R2) values of the Kriging surrogate model
for the system evaluation indicators. As shown in the figure, the (R2) values under the
Kriging surrogate model are all greater than 0.9, indicating that the model has good
nonlinear fitting ability, and the fitting accuracy meets the optimization requirements,

R2 = 1− SSE
SST

SSE =
∑n

i=1
(yi − ỹi)2

SST =
∑n

i=1
(yi − y)2

, (18)

where ỹi represent the predicted value of the ith response, yi represent the true value of
the ith response, ȳi represent the mean true value of the response, and n represent the
number of data points used to test the accuracy of the model.

Figure 14. Variable sample space filling diagram.

Figure 15. Determination coefficient R2.
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4.4. Multi-objective optimization and results using surrogate models
The NSGA-II algorithm is used with crossover probability 0.5, population size

100, maximum iterations 200, and fitness deviation 0.01. The Pareto solution sets of
dynamic indices are shown in Figure 16. The solution closest to the ideal point is
selected as the optimal dynamic design, with key parameters listed in Table 8.

(a) Effective value index of acceleration (b) Effective value index of meshing and bearing support force

Figure 16. Pareto solution set of dynamic performance evaluation index.

Table 8. Dynamic performance optimum parameter.

Optimized designInitial parameterOptimization variable

Gearbox structure parameter

0.6423, 0.43250.72, 064Sun gear outside diameter (low speed, medium speed)/m
0.548670.6Outside diameter of generator rotor/m

9 × 10Ring gear connection stiffness(low, medium and high speed)/N/m 11,
8 × 1011,
7 × 1011

8.25 × 1011,
5.4 × 1011,
4.62 × 1011

9 × 10Planet carrier bearing stiffness (low speed, high speed)/N/m 10,
5 × 1010

6.2589 × 1010,
2.6534 × 1010

6.05 × 10Planet gear bearing stiffness (medium and high speed)/N/m 9,
2 × 109

9.628 × 108,
8.44 × 108

3 × 10Generator bearing support stiffness/N/m 9 9.96 × 108

Generator structure parameter

89Pitch
7.58.5186Air gap/mm
14.116.529Slot width/mm

Stator core back width/mm 86.559 75

4.5. Dynamic performance optimization results
The optimized parameters were applied to the dynamic model of the integrated

wind turbine gearbox-generator system to validate the improvement in dynamic
performance. A comparison of the system dynamic response under steady-state rated
wind speed conditions before and after optimization is presented in Figure 17. The
results demonstrate a notable enhancement in the dynamic response of the bearing
support reaction forces. Specifically, both the root mean square and peak-to-peak
values of the windward bearing reaction forces on the high- and medium-speed
carriers decreased significantly. Improvements are also evident in the dynamic
meshing behavior at the high-speed stage, where issues such as tooth disengagement
and back-side contact have been effectively mitigated. Furthermore, vibration
characteristics show marked improvement, with substantial reductions in vibration
acceleration levels observed at the internal gears of the high- and medium-speed stages,
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as well as at the generator bearings.

(a) High speed planet carrier bearing force (b) High speed planet carrier bearing force (c) High speed meshing force

(d)Middle speed ring gear (e) Generator bearing (f) High speed ring gear

Figure 17. Comparison of system dynamic responses before and after optimization under
steady-state conditions.

Figure 18 shows the dynamic response characteristics of wind turbine system
components before and after optimization under variable speed and load conditions.
As shown, the peak-to-peak values of the dynamic responses generally increase with
wind speed, accompanied by noticeable resonance phenomena. FromFigure 18a,b, the
peak-to-peak dynamic meshing forces at each stage are significantly reduced. Under
variable operating conditions, the average reductions in these values are 14% for the
medium-speed stage and 26.7% for the high-speed stage. Dynamic load improvement
is particularly evident under high-speed heavy-load and resonant conditions, where the
original potential resonance region A is eliminated. It should be noted, however, that a
new resonance region B emerges in the optimized system, though the overall dynamic
performance of the gear system is substantially improved. In Region B, the peak
vibration acceleration of the high-speed ring gear is approximately 12.5 m/s2, which is
below the alarm threshold (typically 25m/s2) specified in ISO 10816-3 for wind turbine
drivetrains. Figure 18c shows the dynamic response of the bearing support reaction
forces on the high-speed carrier. The root-mean-square and peak-to-peak values are
markedly reduced, with an average improvement of 48% under variable conditions,
effectively eliminating the original resonance region C. Figure 18d–f compare the
vibration characteristics of structural components. Under high-speed heavy-load
conditions, the optimized design reduces component vibration intensity, thereby
improving overall system vibration performance. The most significant improvements
are observed in the vibration intensity of the medium-speed internal ring gear and the
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generator rotor.

(a)Middle speed dynamic meshing force (b) High speed dynamic meshing force (c) High speed planet carrier

(d)Middle speed ring gear (e) High speed ring gear (f) Generator rotor

Figure 18. Comparison of dynamic responses before and after optimization under variable
speed and load conditions.

5. Conclusion

Aiming at boosting power density and attenuating dynamic loads and vibrations
of wind turbine drivetrains, this paper proposes a two-level hierarchical mechatronic
co-design method for wind turbine gearbox–generator systems, which breaks through
the limitations of traditional decoupled design and achieves synchronous improvement
of power density and dynamic performance. The main conclusions are as follows:

(1) A multi-level integrated design methodology for the electromechanical
parameters of the wind turbine drive train was developed. At the first level, the
initial parameters of the gearbox–generator system were designed to improve
the overall power density while minimizing the peak-to-peak values of internal
excitations, such as gear time-varying mesh stiffness and generator pulsating
electromagnetic torque. Using these results as initial inputs for the second level,
a correlation analysis between mechanical/generator structural parameters and
system dynamic performance was conducted based on an electromechanical
coupling dynamics model. Key sensitive parameters were identified, and a
Kriging surrogate model was constructed. With dynamic load and vibration
performance as comprehensive objectives, an optimal set of parameters was

28

Sound  &  Vibration  2026, 60(4), 4262.



determined near the second-level initial values, resulting in an optimized
integrated design for the drive train.

(2) The first-level integrated electromechanical parameter design achieved a
balanced optimization of the gearbox and generator structural parameters
under their respective design constraints. Using the NSGA-II non-dominated
sorting genetic algorithm and the resulting Pareto-optimal set, a design scheme
with optimal performance indicators was obtained. Compared to the original
design, the integrated approach increased the power density by 35%, reduced
the peak-to-peak electromagnetic torque and radial force by 54% and 47%,
respectively, and decreased the peak-to-peak time-varying mesh stiffness by
43%, 57%, and 32% for the low-, medium-, and high-speed stages.

(3) A sensitivity analysis of the electromechanical structural parameters revealed
that the dynamic behavior of the coupled system is significantly influenced by
the support stiffness of planetary gears at different stages, the bolt connection
stiffness of ring gears, and the outer diameters of shaft segments. In the generator,
parameters such as air gap length, pole pitch, slot width, and stator core back
width also considerably affect system dynamics. These insights helped identify
the key sensitive parameters for the second-level optimization.

(4) For the second-level integrated design, a Kriging surrogate model was constructed
and combined with the NSGA-II algorithm to optimize the electromechanical
structural parameters, using the dynamic response of each component under rated
conditions as the objective. The optimized design effectively reduced dynamic
gear and bearing loads, prevented tooth disengagement and back-side contact,
and improved component vibration performance. Further analysis under variable
speed and load conditions confirmed that the proposed design achieves vibration
and load reduction across the entire operating range of the wind turbine drive
system.

Limitations: The electromechanical co-design presented herein has several
idealized assumptions and limitations. The coupling dynamic model assumes perfect
gear alignment, constant temperature, and neglects housing flexibility, whereas
in reality, wind turbines inevitably suffer from manufacturing errors, thermal
deformations, and nacelle frame vibrations. Furthermore, the optimization does not
include thermal constraints (e.g., generator cooling, gear scuffing, oil film temperature
rise) nor centrifugal stress limits for high-speed rotors. Extreme transient events
such as grid faults and emergency stops are also not considered. Future work should
integrate thermal-structural-electromagnetic simulations, include transient fault
scenarios, and ultimately perform experimental validation to bridge the gap between
these simulation-based results and real-world applications.
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