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ABSTRACT: This paper investigates the drivers of  SMEs’ adoption 

(Small and Medium-sized Enterprises’ adoption) of  information 

technology (IT) in Nigeria, underpinned by the performance expectancy, 

effort expectancy, and conformity impact on IT adoption. In addition, 

the study examined the impact of  an organizational existence on IT 

adoption. Confirmatory factor analysis was applied to establish the 

model's goodness-of-fit, while Structural Equation Modelling was 

employed to test the proposed model’s hypotheses. Further, multiple 

regression analysis was used to test the organization's years of  existence 

effect on IT adoption. The overall arching finding indicates the 

predominant role of  performance expectancy in explaining organization 

adoption of  IT systems. Furthermore, effort expectancy (ease of  IT 

usage) showed mixed results. While it was a predictive construct in the 

overall study model, it proved redundant under five years of  organization 

existence but was predictive of  organizational existence over five years. 

The conformity construct (maintenance of  status quo) was insignificant 

in the study. The research adds value to the information technology 

literature by establishing the factors that drive 20 SMEs IT adoption in 

Nigeria, especially where organization age is concerned. The unit of  

analysis was at the organization level; there is wisdom in considering 

employees’ demographics, 22 such as employee’s education, IT 

experience, or organizational trade in future studies. 
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IT adoption, organizational existence 

1. Introduction 
For some decades, information technology (IT) has received significant attention and research 

amongst academics and practitioners[1-3]. Studies in these areas aimed to identify, understand, predict, 
and explain factors that serve as crucial in explicating the utilisation of IT at both individual and 
organizational levels[1,4-6]. Theoretically, IT adoption represented models such as the diffusion of 
innovation theory (DOI)[7], the technology acceptance model (TAM)[8,9], and the unified theory of 
acceptance and use of technology (UTAUT)[10]. These models have had prominence in the literature in 
predicting IT adoption, acceptance, and usage in organizations. Among IT acceptance theories, the 
UTAUT model took the “tie together” approach by developing an integrative model that incorporates 
various cardinal drivers of IT adoption in the literature[10,11]. 
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Further development of the UTAUT model led to the exclusion of voluntariness of use as moderator 
since consumers have no organizational mandate and, in many situations, consumer behavior is 
voluntary[4,11]. The UTAUT2 included hedonic motivation (e.g., enjoyment) and habit as better 
explanatory variables on IT adoption[11]. The predictive ability of UTAUT2 theory is much higher in 
comparison to UTAUT, explaining about 74 percent of the variance in consumers’ behavioral intention 
and 52 percent of the variance in consumers’ technology usage[4,12] 

Although, UTAUT/2 appears to be dominant in its predictive and explanatory effect on IT 
adoption, however, the puzzle in the literature is the effect of cultural diversity and perception on the 
model prediction, especially in the developing societies where there is less development and differing 
cultures as opposed to the western societies’ counterpart[6]. As mentioned by Anandarajan et al.[6], the 
distinction between the Western and Nigerian cultures suggests that “information technology and 
management practices should be modified for different cultural contexts”. Importantly, most IT 
technologies seemed to be predominantly developed in Western societies; thus, the adoption and 
utilization in developing countries present potential challenges and opposition based on cultural 
differences and perceptions amongst these two countries. Despite the solemnity of these differences, 
investigations of IT adoption models in Nigeria[2,13]; still fall short of a robust IT model that integrates the 
dimensions of cultural values and perceptions[6] 

In seeking to address the cultural element relevant to the study setting, this research paper integrates 
the Schwartz[14-16] human motivation theory in conjunction with the main factors of UTAUT/2 
(expectancy and effort) that potentially serve as influencers to SMEs technology adoption in Nigeria. Our 
study approach is in line with Tamilmani et al.[4] comprehensive review of the UTAUT2 suggestion that 
the IT model serves as a “theoretical lens for understanding technology adoption-related issues in a 
variety of settings, either stand-alone, in combination with other theories, or with the addition of external 
variables’’. Therefore, we have identified the conformity construct amongst the Schwarz[14] ten human 
basic motivational values. Conformity is considered the most important cultural variable in previous 
studies that explains the factor that hinders IT utilisation in developing countries[17-20]. Further, from a 
nationalistic point of view, Nigeria is considered a collectivist society[21], and thus values the preservation 
of in-group solidarity and places greater emphasis on tradition[22]. Therefore, the conformity construct 
(individual values) is relevant to the collectivist nature of the research setting in Nigeria. 

In addition, we examined the effect of business years of operation (age) in congruence with the 
UTAUT/2 model of age implication for IT adoption. To the best of the researchers’ knowledge, no 
previous studies within the developing economies have developed a model that both integrates the 
conformity construct and the performance and effort expectancies of the UTAUT/2 model, despite its 
impetus, and call for studies to integrate the interaction of UTAUT and cultural variables to improve the 
understanding of the drivers to IT adoption, particularly in developing economies[4,23]. The research has 
two key questions: firstly, to identify the relevant factors that drive SMEs IT adoption in Nigeria. 
Secondly, to understand the dynamics of business existence on IT adoption in Nigeria. The study 
contextualizes IT as the development, maintenance, and use of computer software, systems, and 
networks to digitally create, collect, store, manipulate, and relay office information needed for 
accomplishing basic and technical tasks within the organization for effective daily running of the 
business. 
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2. Unified theory of acceptance and use of technology 
Venkatesh et al.[10] developed the UTAUT conceptual model with four main variables regarded as 

the determinants of technology adoption and usage in organizations. The variables are performance 
expectation, effort expectation, social influence, and facilitating conditions. Demographics such as age, 
gender, experience, and voluntariness of use are considered moderators of the four main variables[10,11]. 
However, in 2012, the original UTAUT model was extended and integrated three more variables: habit, 
price value, and hedonic motivation. The theoretical model was termed UTAUT2[11]. The UTAUT2 
theory was specifically developed to enhance the use of technology by potential customers and provided 
more factors impacting technology usage. 

2.1. Performance expectancy (PE) 

The performance expectancy (PE) variable measures the degree to which potential adopters of IT 
systems believe the new systems will improve his/her performance or gain benefits with the usage of the 
new IT systems[4]. It can be suggested that SMEs owners will be more motivated to accept new technology 
into their businesses if they perceive and believe that using the new technology is more beneficial, 
advantageous, and valuable to help them improve daily job performance[5,11,24]. The study by 
Moghavvemi et al.[25] examines the entrepreneur’s perception of IT innovation adoption in Malaysian 
(SME owners). Findings show that the performance expectancy variable positively influenced SMEs 
owners’ intention to adopt IT innovation into their businesses. This finding echoes similar relevance of 
the predictive effect of PE in recent studies[5,24-30]. The study hypothesized employees perceived the 
usefulness or relative advantage of IT systems will lead to a positive tendency to accept IT usage in the 
organization. 

H1: IT adoption by the SMEs is positively influenced by performance expectancy. 

2.2. Effort expectancy (EE) 

Effort expectancy (EE) is the ease associated with the use of new IT systems[10-11]. This will 
potentially influence its adoption, acceptance, and usage. The intention by SMEs to embrace new IT 
systems into their businesses is not only determined by how much the IT is valued, but using this IT 
should be less complicated. This variable plays a significant role in predicting SMEs owners’ intention to 
adopt the technology. Previous works have examined this variable and found it a predictive and 
influencing factor towards IT adoption[5,24,28,31-33]. Similarly, Yi-Shun and Shih[34] evaluated user 
acceptance of information Kiosk. Their findings revealed that user ease of use remains an important 
factor in adopting new technology. This finding is supported and in line with the work by Moghavvemi 
et al.[25]. The effort expectancy variable is rooted in perceived ease of use[9,35] and complexity[36]. The study 
hypothesized that as employees perceived the ease of use of IT systems, there would be a positive 
tendency to accept IT with the organization. 

H2: IT adoption by the SMEs is positively influenced by effort expectancy. 

2.3. Conformity (CO) 

This variable is associated with conservatism and the maintenance of the status quo. In this cultural 
setting, individuals exhibiting this type of value are characterized by restraint of action. They are expected 
to be obedient and tend to follow precise rules to guide their actions and behavior. In other words, it is a 
value that limits and restrains actions in everyday interactions[14,37]. Here, individuals are not driven by 
their personal thought and action, which limits their ability to choose their own goals. This value does 
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not encourage creative and independent thought, which is associated with openness to change. According 
to Hofstede et al[38], orientation towards conformity may have a negative impact on IT adoption. This is 
in line with the study by Srite and Karahanna[39]. The reason for this is that such cultural values are 
associated with uncertainty avoidance. In an uncertainty avoidance culture, people seek to maintain the 
status quo. They are neither creative nor are they willing to try new things. These attitudes serve as 
impediments to technology usage. The study by Bagchi et al.[17] proposed that individuals with conformity 
values are less likely to use IT because they always conform to agreed rules and regulations. They only 
do what their superiors in organizations told them to do, and such attitudes may hinder individuals from 
carrying out their tasks with IT. Other research in the literature also finds this variable important, and all 
suggested that it had a negative impact on IT behavior[18-20]. Therefore, the following hypothesis is reached: 

H3: The conformity value has a negative influence on SMEs IT adoption. 

2.4. IT adoption (dependent construct) 

Finally, IT adoption represents the dependent variable in this study, as clearly shown in the research 
model in Figure 1. This dependent variable aimed to provide an explanation relating to SMEs’ intention 
to continue using the technology in carrying out their daily duties[11,40]. It also implies the positive 
tendencies of SMEs’ to continue to use technology in the future. The study by Venkatesh et al.[11] argued 
that behavioral intention has a positive impact on actual behavior. As hypothesized in this study, 
performance expectancy and effort expectancy are expected to be positive, while conformity factors are 
expected to be negative influences on IT adoption within this context of the Nigerian SMEs setting. 

 
Figure 1. SMEs’ IT adoption model. 

Figure 1 depicts associated factors that are hypothesized to drive SMEs’ technology adoption in a 
developing country. 

3. Research method 

3.1. Survey instruments and data collection 

All measurement items were adopted from the literature. The seminal IT adoption studies of 
Venkatesh et al.[10-11] informed the adaptation of the items measuring performance expectancy (four 
items), effort expectancy (four items), and IT adoption (three items), while Schwartz et al.[41] intra-cultural 
values seminal measurement items of conformity (four items) were adapted to the study context. These 
items were empirically tested in several IT research settings with proven statistical validity[26,42,43]. 

The four measurement items of performance expectancy captured increase company productivity, 
useful to staff to accomplish their jobs more quickly, would likely improve company performance and 
find it valuable in their jobs. Whereas the four items related to effort performance measure how the 
company finds interaction with IT systems simple and straightforward, the company believes that IT 
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systems are easy to use, the company staff can easily become skilled in IT systems, and the company 
believes that learning to operate IT systems is easy. In terms of conformity, the four measurement items 
captured how the company’s staff always follow IT system rules even when no one is watching, staff 
avoid doing anything people would say is wrong, show respect to IT company rules, and staffs’ non-
disturbance to others with their IT systems. Finally, IT adoption items captured companies that like to 
use IT applications, company that use IT applications daily, and companies that intend to use IT 
applications frequently. All items were measured with a seven-point Likert scale ranging from very 
strongly agree (7) to very strongly disagree (1), with a midpoint (4) for neither agree nor disagree. 

In line with Hardesty and Bearden[44], and Churchill[45], the authors carried out face validation to 
rectify any problems before data collection, such as to ensure that the measurement items reflect the 
conceptual domain of a construct, items are worded in a manner that portrays clarity and non-ambiguity 
to potential respondents, and lastly to determine the time required for survey completion. The face 
validation involved the review of the construct items by four Nigerian academic experts’ in the discipline 
and experienced within the study’s context. After careful consideration based on the pilot respondents’ 
feedback, minor changes were made to the wording of some questions. 

The National Bureau of Statistics (NBS) and Small and Medium Enterprises Development 
Agency[46] characterized Nigeria’s 73,081 SMEs as each comprising of between 10–199 employees and 
having total assets of between 5–500 million naira (£9000 thousand–£878,000 million sterling). The 
distribution method used for data collection from this target audience was multi-stage cluster sampling. 
Identified clusters of SMEs from selected Nigerian States were used, including Edo State (capturing 2677 
SMEs) and Lagos (8395 SMEs); consequently, the sampled population for the study represented 11,072 
SMEs derived from the two states’ population of SMEs. These states were selected given their high 
density of SMEs and accessibility to these SMEs within the States. The second sampling stage involved 
selection at random of areas of high SMEs density within the selected locations, followed by convenience 
selection of SMEs within these chosen business districts. 

A trained research team approached businesses on a random basis to inquire about the number of 
employees and if IT systems were used in the organization. At this point, only organizations that stated 
that they had employees within the definitional framework of SMEs (10–199 employees) and had existing 
organizational IT systems were physically given the survey to complete. Specifically, the survey was 
targeted to the SME owners or senior management officers that have enough knowledge of the business 
IT adoption and operations. 

Out of 310 distributed questionnaires, 231 were returned; however, 11 were eliminated due to 
missing data, reducing the usable data set to 220, representing a usable survey response rate of 
approximately 71%. In addition, we took cognizance of the need for respondents’ anonymity to reduce 
the effects of common method biases[47]. Hence, respondents were reassured of data anonymity and 
encouraged to participate in the study without any form of social desirability and wanting to please or 
gain favor from the research assistants. Furthermore, the survey instruments followed Podsakoff et al.'s[46] 
guide for cause-and-effect variables not to be presented in a predictive way so that the respondents would 
not preempt and respond to questions without careful thought and being objective. We ensured this by 
listing all questions together and not segmenting the variables of measurement. Also, we tested for 
common method bias using Harman’s single factor score criterion of less than 50% variance. The total 
variance explained 29% of variance, which is less than 50% threshold; therefore, it can be asserted that 
common method bias was not a problem in our collected data, nor in the result. 
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3.2. Demographic profile 

The review of the data profile in Table 1 shows that the highest represented business sector is 
information technology, with a percentage of 27.3%, followed by the telecommunications sector, which 
represented a value of 17.7%. The lowest represented sector is the restaurant business (0.9%), with only 
two respondents. The business profile shows a broad representation of various businesses in Nigeria. 

Table 1. Business sector. 

Business sector Frequency Percent 

Information technology 60 27.3 

Telecommunication 39 17.7 

Education 23 10.5 

Retail sales 20 9.1 

Finance 17 7.7 

Oil and gas 14 6.4 

Transportation 11 5.0 

Hotel 10 4.5 

Health care 8 3.6 

Construction 7 3.2 

Manufacturing  6 2.7 

Agriculture 3 1.4 

Restaurant 2 .9 

Total 220 100 

In addition, Table 2 shows the profile of business years of operation. Most of the businesses 
representing a total number of 93 had been in existence for 5–10 years, which is indicative of some level 
of medium-term business years of existence. While under five years of existence represented 67 businesses, 
and the longest business existence (21 years and above) represented 10 respondents. 

Table 2. Years of business operation. 

Years Business 

< 5 years 67 

5–10 years 93 

11–15 years 35 

16–20 years 15 

21 years and above 10 

Total 220 

However, in terms of financial capitalization, most of the businesses (80.9%) were within the 
small-business range, as captured in Table 3. This is indicative of under capitalization of business, 
which is a typical problem of SMEs in developing economies[48,49]. For instance, in Nigeria, 89.6% of 
SMEs identified a lack of access to finance as the most consequential business challenge[46]. 
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Table 3. Business capital. 

Monetary value Numbers Percent 

< N50 million 178 80.9 

N50–N150 million 30 13.7 

N151–N250 million 6 2.7 

N351–N499 million 6 2.7 

Total 220  

4. Data analysis 
This study followed a two-stage approach recommended for model validation and structural 

relationship assessment[49,50]. Stage one involves measurement of model validity and goodness-of-fit 
assessment by following the CFA technique[50,51]. The second stage of analysis involved an application of 
SEM to ascertain the structural model by using the maximum likelihood (ML) estimation method. 
Further analysis considered business years of operation to ascertain the effect of short- and long-term IT 
usage in the organization. To achieve this objective, the research employed multiple regression analysis 
to analyze the data. 

4.1. Convergent validity assessment (CVA) 

To determine convergent validity, the study adapted the approach of Hair et al.[51], using CFA factor 
loading estimates, average variance estimates (AVE), and composite reliability (scale reliability) 
assessments. In terms of thresholds, composite reliability should not be less than 0.70, while factor 
loading estimated is acceptable from 0.50, as suggested by Bagozzi and Yi.[52]. Likewise, AVE greater 
than or equal to 0.50 is the minimum acceptable estimate[51,52]. 

Table 4. Convergent validity assessment. 

Constructs Indicators SFL AVE CA 

Performance 
expectancy (PE) 

1) IT systems usage will increase my company productivity. 
2) My staff find IT systems useful in their jobs. 
3) Using IT systems would likely improve our company performance. 

0.69 
0.80 
0.71 

0.54 0.76 

Effort 
expectancy (EE) 

1) My company finds interactions with IT systems simple and straightforward. 
2) My company believes that IT systems are easy to use. 
3) My company can easily become skillful in IT systems usage. 
4) My company believes that learning to operate IT systems is easy. 

0.76 
0.76 
0.74 
0.69 

0.55 0.79 

Conformity 1) My staff follow IT system rules always, even when no-one is watching. 
2) My staff avoid doing anything people would say is wrong, especially with 
IT systems. 
3) My staff always show respect to company rules, especially with IT systems. 
4) My staff never disturb or irritate others with their IT systems usage. 

0.68 
0.79 
0.89 
0.84 

0.65 0.86 

IT adoption 1) My company likes to use IT application 
2) My company uses IT applications daily. 
3) My company intends to use IT applications frequently. 

0.68 
0.81 
0.73 

0.56 0.82 

Note: SFL = standardized factor loading, AVE = average variance extracted, CA = Cronbach’s alpha. 

The CVA resulted in the deletion of one poor-performing item labelled; ‘IT systems will enable my 
company to accomplish tasks more quickly’. This item was deleted due to unacceptable reliability and 
factor loading performance. The deletion is necessary to avoid the problem of excessive levels of multiple 
collinearities and poor quality of model goodness-of-fit[53,54], Other CVA results, as indicated in Table 4 
above, indicate that convergent validity was achieved across the three criteria applied. All factor estimates 
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loaded above 0.50. Equally, AVE scores were above 0.50, and lastly, all reliability scores were above the 
0.70 thresholds; therefore, it is established that the research constructs have satisfied the convergent 
validity requirement. 

4.2. Discriminant validity assessment 

The most rigorous assessment of discriminant validity is when AVE is greater than the square inter-
correlation (SIC)[51,55]. AVE is the sum of the average mean value of the total factor loadings of the 
measurement items to a construct[51], while the SIC represents the shared variance of correlation between 
two constructs being measured. Table 5 suggests that the relational variable AVEs are larger when 
compared to all other alternative paired squared correlations, therefore, in accordance with Hair et al.[51] 
Farrell[55], the result has established sufficient discriminant validity amongst the variables of interest. 

Table 5. Constructs discriminant validity assessment. 

 Performance expectancy Effort expectancy Conformity IT adoption 

Performance expectancy 0.54 0.27 0.14 0.44 

Effort expectancy  0.55 0.30 0.29 

Conformity   0.65 0.10 

IT adoption    0.56 

Note: the diagonal values represent the average variance extracted (AVE) estimates, while the values above the AVE represent 
the squared inter-correlations (SIC). 

4.3. Tests of measurement and structural model goodness-of-fit 

As a result of the achievement of convergence and discriminant validity assessments, we further 
tested the goodness-of-fit for the measurement and structural models. As presented in Table 6, the results 
suggested that the measurement and structural models have satisfactory goodness-of-fit within acceptable 
threshold points. 

Table 6. Measurement and structural models goodness-of-fit assessment. 

Fit indices Measurement model Structural model Model criteria 

X2/df 1.13 1.1 <2[51] 

GFI 0.94 0.96 > 0.90[52] 

AGFI 0.91 0.93 > 0.90[52] 

CFI 0.92 0.99 > 0.90[52] 

IFI 0.93 0.99 > 0.90[52] 

RMSEA 0.037 0.009 < 0.07[52] 

TLI 0.90 0.99 > 0.90[52] 

4.4. Pathway estimates 

The study applied SEM in IBM SPSS AMOS 25 with the maximum likelihood (ML) estimation 
method to estimate the pathways (hypotheses) in the IT adoption model. The research model is based 
on the theoretical propositions that both the performance and effort expectancies will positively predict 
IT adoption, whereas conformity is hypothesized to negatively predict IT adoption. The estimated 
SEM diagrammatic model and the representation of the estimated hypotheses are both depicted, 
respectively, in Table 7 and Figure 2 below: 
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Table 7. Representation of hypothesis results. 

Hypothesis Path coefficient  P-value Support model? 

H1 Performance expectancy → IT adoption 
H2 Effort expectancy → IT adoption 

+0.35 
+0.38 

0.00 
0.03 

Yes 
Yes 

H3 Conformity → IT adoption -0.05 0.55 No 

Note: significance test level at 0.05. 

 
Figure 2. IT adoption model. 

4.5. Testing the impact of business years of existence on IT adoption 

To further test the effect of years of business existence, the study conceptualized years of existence 
into two main categories: under five and above five years. The data size suggested that under five years 
business operation constituted 67 organizations, while above five years comprised 153 organizations. 
Next, we applied multiple regression analysis to test the effect of age differences on these two categories 
on IT adoption. 

A comparison of organization existence under and above five- years of existence in the respective 
models suggests a predictive effect of both 47.8% and 24.2%, respectively, on IT adoption. When 
assessing the coefficient of the independent variable, it is suggestive that performance expectancy was a 
significant independent variable explaining the positive impact on the driver of IT adoption, with a 
predictive effect of 53.7% and 26.6%, respectively, on under-five and above business existence. The effort 
expectancy variable was insignificant at 41.9% under five years of existence; however, for the business 
age above five years, effort expectancy was predictive and significant with a 28.3% explanatory power on 
IT adoption. Lastly, as indicated in Table 8, the conformity variable had an insignificant value test above 
the 0.05 test acceptance level. This resulted in our rejection of the explanatory powers of the construct as 
unacceptable. The discussion section below provides a contextual explanation of the results. 
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Table 8. Test of organizational years of existence impact on IT adoption. 

Model/variables impact Organizational existence 
Under five years 

Organizational existence 
Above five years 

R 0.691a 0.492a 

R square 
Sig. F change 

0.478 
0.000 

0.242 
0.000 

PE 
(Standardized coefficients) 
Significance 

0.537 
 
(0.00) 

0.266 
 
(0.001) 

EE 
(Standardized coefficients) 
Significance 

0.101 
 
(0.419) 

0.283 
 
(0.001) 

Conformity 
(Standardized coefficients) 
Significance 

0.165 
 
(0.160) 

0.105 
 
(0.180) 

a. Predictors: (constant), conformity, PE, EE; b. Dependent variable: IT adoption; c. Significance test at 0.05. 

5. Discussion 
This study set out to investigate the drivers of SMEs adoption of technology in Nigeria by applying 

theoretical constructs from the literature. Precisely, the study model was underpinned by performance 
expectancy, effort expectancy, and conformity construct impact on the adoption of IT in SMEs 
organizations in Nigeria. In addition, the study tested the impact of short- and long-term organizational 
existence to examine its influences on technology adoption. The authors conceptualized it as the 
development, maintenance, and use of computer software, systems, and networks to digitally create, 
collect, store, manipulate, and relay office information needed for accomplishing basic and technical 
tasks within the organization for effective daily running of the business. 

The overall arching finding in the research is in consonance with the literature of the predominant 
role performance expectancy (job value enhancement) in predicting the employees’ intentions to adopt 
the use of technology[5,11,23,26,28,31,56,57]. Furthermore, effort expectancy, which measured the degree of ease 
associated with the use of new IT systems, showed mixed results. While it was a predictive construct in 
the overall study model, it proved redundant under five years of organization existence but was predictive 
of organizational existence over five years. Further explanation will be provided later. Finally, the study 
found that regardless of the age of organizational existence, the conformity construct, which measured 
the degree to which the organization workforce considered others and inclines to use IT systems as the 
right thing to do, was not as significant as organization IT adoption. Logically, it appears that SMEs 
considered adoption of IT more from a business perspective, regardless of cultural inference or restraint 
imposed by the conformity construct. That is, as a business owner, the drive is to use IT because it will 
enhance the performance of my business, and therefore, the organization’s team is willing to make the 
effort to source, install, and use IT software because it will enhance the performance of the business. This 
reason also implies the internal forces have a greater influence on IT adoption when compared to social 
cultural forces captured by conformity. 

5.1. Performance expectancy (PE) and IT adoption 

The concept of PE, as explained by Venkatesh et al.[10], denotes the intrinsic values of the employees 
that the adoption of technology in the organization will help the organization attain its goals and increase 
its business effectiveness. A similar explanation of PE is the concept of perceived usefulness, which 
focuses on the degree to which an organization considers that using a particular IT system will enhance 



Information System and Smart City 2023; 3(1): 227. 

11 

the business performance[5]. PE motivation examines the belief that IT adoption will help an organization 
to achieve value outcomes that are distinct from the organization itself, such as improved business 
performance, gain more business, or increase profits. The finding is indicative that the key motivation for 
organizations to adopt IT systems is to enhance business performance. 

Our study finding suggests that a business owner considers that the intrinsic rewards of IT adoption 
will increase its overall business effectiveness, such as making a business more efficient with resources, 
increasing company productivity, getting jobs completed more quickly, and increasing company 
performance. The study finding on PE is indicative of the intrinsic drive of SMEs to keep the business 
afloat, but using an effective IT system that works. The study finding resonates with early studies that 
proved that PE drives IT adoption. For instance, Moghavvemi et al.[25] examine the entrepreneur’s 
perception of IT innovation adoption in Malaysians (SMEs owners). Findings show that the PE variable 
was positively significant in influencing SMEs owners’ intention to adopt IT innovation into their 
businesses. Similarly, our study is in line with the literature[23,26,29-31] dominant finding of the performance 
expectancy driver of an organization's (or employees) desire to adopt an IT system into their 
organizational or employees’ practices. 

Further use of control variables of age of organizations under and above five years of operation still 
confirmed that PE is valid in explaining IT adoption. Therefore, the study can safely confirm that the PE 
construct appears to be a fundamental driver for SMEs’ intention to adopt IT systems to improve business 
performance. This is sensible, as no business (even a charitable organization) is set up to be ineffective, 
but rather to be effective and thrive as an organization. To this effect, the IT system seemed to be the 
golden toolkit for business effectiveness and sustainability. 

5.2. Effort expectancy (EE) and IT adoption 

This construct captures the degree of ease associated with the organization's adoption of IT 
systems[10,11,57]. That is, how does the organization's workforce perceive the ease of use of IT systems or 
the complexity of using the system? The study findings showed mixed results of EE explanatory effect on 
SMEs system adoption. First, the pivotal research model indicated EE had a positive effect on system 
adoption. By implication, it explains that the workforce finds SMEs systems easy to use, less complex, 
and as a vehicle to improve SMEs’ overall performance. Whilst these are plausible findings, the control 
analysis of years of business indicated that, in fact, the perceived ease of use or the less complexity of IT 
systems within the SMEs organization was positive and predictive for businesses existence over five years, 
whereas businesses under five years had an insignificant result. 

This study’s findings seemed contrary to Venkatesh et al.[10] argument that EE is more salient in the 
short run of immediate employee training. This is argued to be vibrant in the early stages of EE on systems 
due to the vibrancy of the employees and excitement associated with using new systems. The expectation 
is for a longer period to impact negatively on the system due to the prolonged complexity associated with 
the IT system. In contrast, the authors argue that the result may be different from an organizational 
perspective. The logic here lies in years of experience and proven results as motivation to use IT systems. 
For example, an organization with 10 years of operation seems to have a wealth of experience and 
familiarity with how IT systems work, whereas an organization under five years old may not understand 
how to effectively use IT systems, perhaps leading to discouragement, frustration, and negative behavior 
towards IT system adoption. Put differently, we argue that the complexity of IT use is softened as the 
wealth of organizational experience increases, such that the organization becomes more familiar with the 
IT system. Another reason may be that older businesses may be able to afford and access IT partners for 
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technical support on the implementation of IT systems in the organization, while newly start-up 
organizations (under five years) may find IT partners simply not affordable or valued at the early stage. 

5.3. Conformity and IT adoption 

This construct examines the intrinsic attitude of the workforce to incline toward the use of IT systems 
provided within the organization, driven by the desire not to violate the organization norm. This implies 
that for interaction to proceed smoothly and for groups to maintain themselves, individuals must restrain 
impulses and inhibit actions that might hurt others[58]. The findings from the study indicated that 
conformity was not supported in explaining IT adoption within the study context. Perhaps the drive 
within the organization is more focused on the extrinsic gains from IT adoption and the long-term ease 
of use, which may further increase the use of IT adoption. Furthermore, studies have generally found 
that the strong motivation of behavior tends to be predicated by the intrinsic factors explained in this 
study by PE and EE, in contrast to social norms as a driver of behavior. Logically, a business will consider 
more of the performance gains from the use of IT systems and the ease of use, which may further drive 
the desire to adopt IT systems in the organization. 

6. Conclusion 
Theoretically, the study presented an IT adoption model by drawing from the UTAUT variables on 

performance and effort expectancy[10,11] and conformity construct[58] to examine what drives IT adoption 
in Nigeria. Furthermore, our study tested the role of age in influencing the effect of IT adoption. The 
model was empirically investigated with the key findings that PE and EE were relevant in explaining IT 
adoption in Nigeria, whereas the social conformity variable was insignificant. Where organizational age 
of existence (under or above five years) is considered, performance expectation was an outstanding factor 
to drive IT adoption. 

To the best of the researchers’ knowledge, no previous study within the developing economies has 
applied intra-cultural (conformity) and UTAUT (performance and effort) models to assess the impact on 
SMEs IT adoption. The research showed the relevant variables within the SMEs setting in Nigeria. 
Besides, the empirical testing of age implication is novel within the research setting, which throws light 
on its dynamic influence on IT adoption. 

Practically, this research is sensible to business owners as it identifies what will make IT system 
adoption thrive in Nigeria. It provides such managerial knowledge and toolkits that the performance 
driver is the principal reason for IT adoption. Therefore, an organization must clearly communicate the 
intrinsic benefits of an IT system to its workforce, such as explaining the benefits of enhanced job 
performance and satisfaction and promotion. Likewise, the study shows the need for more training and 
support to be provided to employees in the early years of business operations to engender ease of use and 
lessen any IT system complexity, such as perceived difficulty or lack of knowledge of IT systems. The 
lack of investment in training on IT skills acquisition may be a viable reason IT adoption in early years 
business may be failing. Therefore, to resolve this problem, the authors call for more investment in 
training and development of the workforce. 

In terms of future research, the study recommends that the proposed research model can be applied 
in larger organizations and/or even non-profit businesses to test its validity and ascertain the factors that 
drive IT adoption. In these newly proposed settings, would the conformity construct become predative? 
Would the same result of PE and EE predictive power be established? Additionally, our study contributes 
to a growing body of research on the dynamics and interactions of IT and cultural variables impact on 
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SMEs IT adoption. While our findings provided useful insights on relevant variables (performance and 
effort expectancies), we welcome future studies to broaden the choice of variables and their interrelations 
with possible IT adoption outcomes. The authors are particularly interested in the inclusion of network 
relationships and support services influences on SMEs adoption to IT. Based on SMEs challenges 
associated with deficient networking capabilities and resource utilization, would future studies, 
particularly qualitative research design, provide useful insights of the variables effecting SMEs IT 
adoption in developing countries? In addition to the possibility to extend our SMEs IT-validated model, 
the authors’ call for further studies to examine in detail other demographics of SMEs, such as business 
size or industry sectors. Perhaps businesses such as IT technology companies that depend heavily on IT 
systems may have a stronger motivation to adopt IT than companies less dependent on IT systems, such 
as edible perishable food shops. Another is our call for a much larger data set, as we recognise the study 
sample was relatively small; therefore, there is conventional wisdom to repeat this study with a larger 
sample size. However, our data set falls safely within the conventional size for smooth statistical data 
analysis. Lastly, the authors call for a longitudinal study as a progressive next step to our cross-sectional 
research design. This would allow for the examination of IT adoption trends over time, provide valuable 
insights into the dynamic nature of IT adoption in SMEs, and help identify any changes or patterns that 
occur over an extended period. 
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