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Abstract: In this paper, we investigate a tri-trophic predator-prey systemwith double fear effects,
where the prey is affected by fear induced by both the intermediate predator and the top predator.
The top predator is assumed to feed on both the basal prey and the intermediate predator. We
establish the positivity and boundedness of solutions and derive sufficient conditions for the
global asymptotic stability of axial equilibria. The possible interior equilibria are characterized
algebraically, and their local stability is analyzed. We further derive the Hopf bifurcation
conditions and compute the first Lyapunov coefficient to determine the direction of the bifurcation
and the stability of the bifurcating periodic orbit. Numerical simulations reveal several forms
of complex dynamics, including a period-three orbit in the associated return dynamics, the
coexistence of a stable equilibrium and a stable limit cycle, the coexistence of two stable
limit cycles, and chaotic behavior. The corresponding multistability is further illustrated by
basin-of-attraction diagrams. Numerical evidence for chaotic attractors in parameter regions
admitting different numbers of interior equilibria is provided by positive largest Lyapunov
exponents, parameter bifurcation diagrams, and bounded long-time trajectories. These results
show that, within the parameter regimes examined, the interaction between the two fear
mechanisms and the tri-trophic feeding structure can generate pronounced dynamical transitions,
multistability, and strong sensitivity to initial population densities.

Keywords: predator-prey system; double fear effects; equilibrium; stability; Hopf
bifurcation; coexistence; chaos

1. Introduction

Predator-prey interactions are fundamental components of ecological systems
and have long been used to understand species persistence, population regulation
and community complexity. Since the pioneering works of Lotka and Volterra,
classical predator–prey models have been extensively extended by incorporating various
ecological mechanisms, such as nonlinear functional responses, stage structure and time
delay [1–5]. More recent studies have further considered prey refuge, Allee effects and
harvesting [6–8], as well as spatial diffusion and other ecological mechanisms [9–11]. In
particular, tri-trophic food-chain models, consisting of a prey, an intermediate predator
and a top predator, provide a natural framework for describing energy transfer across
trophic levels. Such systems may exhibit richer dynamics than two-species models,
including multiple equilibria, periodic oscillations, multistability and chaos [12–15].

Classical predator-prey models usually emphasize the direct consumptive effect
of predators on prey. However, ecological evidence shows that predators may
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also influence prey populations through non-consumptive effects. For example,
Brown et al. [16] introduced the concept of the ecology of fear, Preisser et al. [17]
emphasized the importance of non-consumptive predator effects, and Zanette et al. [18]
experimentally showed that perceived predation risk may reduce reproductive output.
These ecological findings have motivated the development of mathematical models
incorporating fear effects into predator-prey dynamics. Since then, mathematical studies
of fear effects have developed rapidly. Wang et al. [19] proposed a predator-prey model
in which predator-induced fear reduces the prey birth rate and showed that fear can
alter the system’s stability and bifurcation properties. Kumar and Dubey [20] studied a
prey-predator system with a fear effect, prey refuge and gestation delay, and investigated
the corresponding stability and bifurcation phenomena. Wang and Zou [21] further
considered adaptive avoidance of predators and showed that the interaction between
fear and delay can produce complicated dynamical behavior. Pal et al. [22] studied a
Leslie-Gower predator-prey model with a fear effect and hunting cooperation, where
bistability and multiple limit cycles may occur. These works indicate that fear is not
merely a biological modification of predation, but also a key mechanism that changes
the qualitative dynamics of ecological systems.

Compared with two-species predator-prey models, tri-trophic systems with fear
effects are more subtle, because fear may occur at different trophic levels and
propagate through the food chain. Panday et al. [23] investigated a three-species
food-chain model with fear and showed that fear can significantly affect stability and
bifurcation structures. Cong et al. [24] formulated a three-species food-chain model
by incorporating the costs and benefits of anti-predator behavior and analyzed its
dissipativity, equilibria and long-term dynamics. Kumar and Kumari [25] studied the
control of chaos in a three-species food-chain model with a fear effect, showing that
the cost of fear may stabilize chaotic dynamics. Rana et al. [26] further considered
a three-species food-chain model with fear and an Allee effect and demonstrated the
occurrence of complex dynamical phenomena.

Another feature of many ecological communities is that the top predator may
not feed exclusively on the intermediate predator. Instead, it may also exploit other
lower trophic levels or alternative food sources. This type of feeding structure is
closely related to omnivory and intraguild predation, both of which are known to affect
food-web stability, persistence and species coexistence [27–31]. Although the present
paper does not focus on isolating the independent role of this feeding link, allowing
the top predator to feed on both the basal prey and the intermediate predator provides a
more flexible tri-trophic interaction structure. Related predator-prey models involving
alternative prey, generalist predators, group defense, prey refuge and other ecological
mechanisms have been shown to generate Hopf bifurcations, multiple limit cycles,
Bogdanov-Takens bifurcations and other complex dynamics [22,32–36].

Motivated by the above studies, we investigate a tri-trophic predator-prey system
with double fear effects. The model differs from many existing three-species fear
models in two respects. First, the growth of the basal prey is simultaneously reduced
by fear induced by the intermediate predator and by the top predator, rather than by
a single predator species or a single combined fear term. Second, the top predator
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consumes both the basal prey and the intermediate predator, so that the double-fear
mechanism is coupled with an omnivorous trophic interaction. This formulation
provides a framework for examining how predation risk originating from different
trophic levels jointly affects population persistence, oscillatory dynamics, and the
selection of alternative long-term states.

The main purpose of this paper is to study the stability, bifurcation and complex
dynamics of the proposed system. We first establish positivity and boundedness of
solutions. Second, we analyze the existence of axial equilibria and establish sufficient
conditions for their global stability. Third, we investigate the number and local
stability of interior equilibria. Since the interior equilibria cannot always be expressed
explicitly in terms of model parameters, the stability analysis is carried out by using
the Jacobian matrix and the Routh-Hurwitz criteria. We further determine the Hopf
bifurcation condition, verify the transversality condition along the equilibrium branch,
and calculate the first Lyapunov coefficient to determine the direction of the Hopf
bifurcation and the stability of the bifurcating periodic solutions.

In addition to local bifurcation analysis, we further explore the global dynamical
behavior of the system numerically. Our simulations show that the system may exhibit
a period-three limit cycle and a non-attracting chaotic set. Since the classical result
of Li and Yorke shows that period three implies chaos for one-dimensional continuous
maps [37], the observed period-three phenomenon is treated only as an indicator of
chaotic dynamics. Moreover, several coexistence phenomena are observed, including
the coexistence of a stable equilibrium and a stable limit cycle, as well as the coexistence
of two stable limit cycles. These coexistence phenomena are further illustrated by
basin-of-attraction diagrams on a two-dimensional section of the initial-condition space.
We also find that chaotic attractors may occur in parameter regimes with different
numbers of interior equilibria. Claims concerning chaotic sets are supported by phase
portraits, time series, positive largest Lyapunov exponents and parameter bifurcation
diagrams. These results suggest that double fear effects can induce rich dynamical
transitions and complex coexistence patterns in tri-trophic ecological systems.

The rest of this paper is organized as follows. In Section 2, we formulate the model
and discuss its basic properties, including positivity and boundedness of solutions. In
Section 3, the existence and global stability of axial equilibria are studied. In Section 4,
we investigate the number and local stability of interior equilibria. Moreover, we derive
the Hopf bifurcation conditions and the first Lyapunov coefficient. Section 5 presents
the numerical analysis, including bifurcation diagrams, largest Lyapunov exponents,
multistability, basin-of-attraction diagrams, period-three dynamics, and chaotic behavior.
Finally, Section 6 gives a brief conclusion and an ecological interpretation of the results.

2. Model

We consider the following tri-trophic predator-prey system
dX

dT
= RX(1−

X

K
) ·

1

1 +M1Y +M2Z
− F1(X)Y − F2(X)Z,

dY

dT
= C1F1(X)Y − F3(Y )Z −D1Y,

dZ

dT
= C2F2(X)Z + C3F3(Y )Z −D2Z.

(1)
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Here, X(T ), Y (T ) and Z(T ) denote the population densities of the basal prey,
intermediate predator and top predator, respectively. The variable T represents time.
The prey population grows logistically with intrinsic growth rate R and carrying
capacity K such that 0 < X(T ) ≤ K. The term

1

1 +M1Y +M2Z
describes

the reduction in the prey growth rate caused by double fear effects induced by the
intermediate predator Y and the top predator Z, where M1 and M2 measure the
corresponding fear intensities. The functions F1(X), F2(X) and F3(Y ) represent
functional responses. The constants Ci (i = 1, 2, 3) are conversion rates, and D1

and D2 are the natural death rates of the intermediate predator and the top predator,
respectively.

In Equation (1), we consider the same Holling type II functional response, namely,
F (M) = Fi(M) =

AM

B +M
, where A denotes the maximally achievable attack rate

and B denotes the half saturation constant. Therefore, one obtains

dX

dT
= RX(1− X

K
) · 1

1 +M1Y +M2Z
− AXY

B +X
− AXZ

B +X
,

dY

dT
=

C1AXY

B +X
− AY Z

B + Y
−D1Y,

dZ

dT
=

C2AXZ

B +X
+

C3AY Z

B + Y
−D2Z.

(2)

Let
x =

X

K
, y =

Y

C1K
, z =

Z

C2K
, t = RT,

then Equation (2) becomes the following nondimensional system

dx

dt
= x(1− x) · 1

1 +m1y +m2z
− c1xy

B +Kx
− c2xz

B +Kx
,

dy

dt
=

c1xy

B +Kx
− c2yz

B + c1Ky
− d1y,

dz

dt
=

c2xz

B +Kx
+

c3yz

B + c1Ky
− d2z,

(3)

where
m1 = M1C1K, m2 = M2C2K, c1 =

C1AK

R
, c2 =

C2AK

R
,

c3 =
C1C3AK

R
, d1 =

D1

R
, d2 =

D2

R
.

From 0 < X(T ) ≤ K, we have 0 < x(t) ≤ 1 holds. Therefore, we consider the
dynamics of Equation (3) on the positive invariant region

Ω+ = {0 < x ≤ 1, y ≥ 0, z ≥ 0.}

Theorem 1. All solutions are non-negative and bounded.

Proof. It follows fromEquation (3) that x = 0, y = 0 and z = 0 are invariant algebraic
surfaces. Therefore, any solution starting from (x(0), y(0), z(0)) is non-negative.

Next, we prove the all solutions are bounded. We divide into two cases: (I) c2 ≥
c3; (II) c2 < c3.
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Case (I). Let d = min{d1, d2} and w = x+ y + z. Then

dw

dt
= x(1− x) · 1

1 +m1y +m2z
− c2yz

B + c1Ky
+

c3yz

B + c1Ky
− d1y − d2z

≤ x(1− x)− d1y − d2z

≤ −dx− dy − dz + (d+ 1)x

= −dw + (d+ 1),

which implies that
lim
t→∞

supw(t) ≤ d+ 1

d
.

Case (II). Let d = min{d1, d2} and w = x+
c2
c3
y +

c22
c23
z. Then

dw

dt
= x(1− x) · 1

1 +m1y +m2z
−

(1− c2
c3
)c1xy

B +Kx
−

(1− c22
c23
)c2xz

B +Kx
− c2

c3
d1y −

c22
c23

d2z

≤ x− c2
c3

d1y −
c22
c23

d2z

≤ −dx− d
c2
c3

y − c22
c23

dz + (d+ 1)x

= −dw + (d+ 1),

which implies that
lim

t→+∞
supw(t) ≤ d+ 1

d
.

FromCases (I) and (II), we know thatw(t) is bounded. Therefore, all the solutions
are bounded.

3. Global stability of axial equilibria

From Equation (3), we know thatE0(0, 0, 0) andE1(1, 0, 0) are always equilibria.
If

c1
B +K

> d1, then Equation (3) has the equilibrium E2(x2, y2, 0), where x2 =

d1B

c1 − d1K
, y2 =

−c1 +
√

c21 + 4m1c1(1− x2)(B +Kx2)

2m1c1
.

If
c2

B +K
> d2, then Equation (3) has the equilibrium E3(x3, 0, z3), where x3 =

d2B

c2 − d2K
, z3 =

−c2 +
√

c22 + 4m2c2(1− x3)(B +Kx3)

2m2c2
.

Theorem 2. The equilibrium E0(0, 0, 0) is a saddle.

Proof. The Jacobi matrix at the equilibrium E0 is

J0 =

1 0 0

0 −d1 0

0 0 −d2

 ,

whose eigenvalues are

λ1 = 1, λ2 = −d1, λ3 = −d2.
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Therefore, E0 is a saddle.

Theorem 3. If
c1

B +K
< d1 and

c2
B +K

< d2, then the equilibrium E1(1, 0, 0) is
globally asymptotically stable on Ω+.

Proof. The Jacobi matrix at the equilibrium E1 is

J1 =


−1 − c1

B +K
− c2
B +K

0
c1

B +K
− d1 0

0 0
c2

B +K
− d2

 ,

whose eigenvalues are

λ1 = −1, λ2 =
c1

B +K
− d1, λ3 =

c2
B +K

− d2.

Therefore, if
c1

B +K
< d1 and

c2
B +K

< d2, then E1 is locally asymptotically stable.
Next, we prove that E1 is globally asymptotically stable.

dy

dt
=

c1xy

B +Kx
− c2yz

B + c1Ky
− d1y

≤
(

c1x

B +Kx
− d1

)
y

≤
(

c1
B +K

− d1

)
y,

which implies that y(t) is monotonically decreasing and satisfies

y(t) ≤ y(0) exp
[(

c1
B +K

− d1

)
t

]
.

Therefore, lim
t→+∞

y(t) = 0.

dz

dt
=

c2xz

B +Kx
+

c3yz

B + c1Ky
− d2z

≤
(

c2
B +K

− d2

)
z +

c3yz

B + c1Ky

=

(
c2

B +K
− d2 +

c3y

B + c1Ky

)
z.

Since lim
t→+∞

y(t) = 0, there exists t0 such that

c2
B +K

− d2 +
c3y(t0)

B + c1Ky(t0)
< 0. (4)

Therefore, for t ≥ t0, we have

z(t) ≤ z(t0) · exp
[(

c2
B +K

− d2

)
(t− t0)

]
· exp

[∫ t

t0

c3y(τ)

B + c1Ky(τ)
dτ

]
≤ z(t0) · exp

[(
c2

B +K
− d2 +

c3y(t0)

B + c1Ky(t0)

)
(t− t0)

]
. (5)
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Therefore, we have lim
t→+∞

z(t) = 0.
To prove lim

t→+∞
x(t) = 1, we first prove lim sup

t→∞
x(t) = 1. We claim that for any

0 < Q < 1, any t > 0, there exists t1 > t such that x(t1) > Q holds. If not, then there
exist 0 < Q̄ < 1 and t2 > 0 such that 0 < x(t) ≤ Q̄ holds for t ≥ t2. Since

dx

dt
= x(1− x) · 1

1 +m1y +m2z
− c1xy

B +Kx
− c2xz

B +Kx
,

we have
dx

x(1− x)
=

(
1

1 +m1y +m2z
− c1y

(1− x)(B +Kx)
− c2z

(1− x)(B +Kx)

)
dt

≥
(
1−m1y −m2z −

c1y

(1− x)B
− c2z

(1− x)B

)
dt

≥
(
1−m1y −m2z −

c1y

(1− Q̄)B
− c2z

(1− Q̄)B

)
dt

= (1−M1y −M2z) dt, (6)

where M1 = m1 +
c1

(1− Q̄)B
, M2 = m2 +

c2
(1− Q̄)B

. Since lim
t→+∞

y(t) = 0 and

lim
t→+∞

z(t) = 0, there exists t3 > t2 such that 1 −M1y(t) −M2z(t) >
1

2
for t ≥ t3.

Therefore, from Equation (6), we get

x(t)

1− x(t)
≥ x(t3)

1− x(t3)
· exp

[∫ t

t3

(1−M1y(τ)−M2z(τ))dτ

]
≥ x(t3)

1− x(t3)
· exp

(
1

2
(t− t3)

)
→ +∞ as t → +∞,

which implies lim
t→+∞

x(t) = 1. This is contradicted with 0 < x(t) ≤ Q̄ holding for
t ≥ t2. Therefore, we have proven our claim, namely, lim sup

t→∞
x(t) = 1.

Since E1 is locally asymptotically stable, there exists η > 0 such that

Uη = {(x, y, z) : |x− 1| < η, 0 ≤ y < η, 0 ≤ z < η}

is contained in the basin of attraction of E1.
Since

lim
t→+∞

y(t) = 0, lim
t→+∞

z(t) = 0,

there exists T > 0 such that

y(t) < η, z(t) < η, t ≥ T.

Choose
Q = 1− η.

By the claim proved above, for any t > 0, there exists t̄ > t such that x(t̄) > Q. In
particular, taking t > T , there exists t̄ > T such that

x(t̄) > 1− η.
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Since x(t̄) ≤ 1, it follows that
|x(t̄)− 1| < η.

Consequently,
(x(t̄), y(t̄), z(t̄)) ∈ Uη.

By the local asymptotic stability of E1, the solution starting from (x(t̄), y(t̄), z(t̄))

converges to E1. Therefore,

lim
t→+∞

(x(t), y(t), z(t)) = (1, 0, 0).

Thus, E1(1, 0, 0) is globally asymptotically stable.

Theorem 4. Assume that B ≥ K,
c1

B +K
> d1 and

c2
B +K

+
c3Y∗

B + c1KY∗
< d2,

where Y∗ = 1 +
1

4d1
. Then the equilibrium E2(x2, y2, 0) is globally asymptotically

stable relative to the interior region

Ω1
+ = {(x, y, z) : 0 < x ≤ 1, y > 0, z ≥ 0}.

Proof. The Jacobi matrix J2 at the equilibrium E2(x2, y2, 0) is

1− 2x2

1 +m1y2
− c1By2

(B +Kx2)2
−m1N1 − c1N2 −m2N1 − c2N2

c1By2
(B +Kx2)2

0 − c2y2
B + c1Ky2

0 0
c2x2

B +Kx2
+

c3y2
B + c1Ky2

− d2


,

where N1 =
x2(1− x2)

(1 +m1y2)2
, N2 =

x2
B +Kx2

. The eigenvalues λ1 =
c2x2

B +Kx2
+

c3y2
B + c1Ky2

− d2 and λ2,3 satisfy

λ2 +

(
c1By2

(B +Kx2)2
− 1− 2x2

1 +m1y2

)
λ+

c1By2
(B +Kx2)2

·
(
x2(1− x2)m1

(1 +m1y2)2
+

c1x2

B +Kx2

)
= 0.

Since E2(x2, y2, 0) is an equilibrium, we have
1− x2

1 +m1y2
=

c1y2
B +Kx2

. So, if B ≥ K,

c1By2
(B +Kx2)2

− 1− 2x2
1 +m1y2

=
x2(B −K + 2Kx2)

(1 +m1y2)(B +Kx2)
> 0.

This implies that λ2,3 have negative real parts.
LetW = x+ y, then

dW

dt
= x(1− x) · 1

1 +m1y +m2z
− c2xz

B +Kx
− c2yz

B + c1Ky
− d1y

≤ x(1− x)− d1y

≤ 1

4
− d1y.
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Since 0 ≤ x ≤ 1, y ≥ (W − 1). Then, we have

dW

dt
≤ 1

4
− d1(W − 1) = −d1W + d1 +

1

4
.

This implies that lim sup
t→∞

W (t) ≤ 1 +
1

4d1
= Y∗. In particular,

lim sup
t→∞

y(t) ≤ Y∗. (7)

On the one hand, Equation (7) implies y2 ≤ Y ∗. Then,

λ1 =
c2x2

B +Kx2
+

c3y2
B + c1Ky2

− d2

≤ c2
B +K

+
c3Y

∗

B + c1KY ∗ − d2

<0.

Therefore, the equilibrium E2 is locally asymptotically stable.
On the other hand, if

c2
B +K

+
c3Y∗

B + c1KY∗
< d2, then for some sufficiently

small ϵ > 0,
c2

B +K
+

c3(Y∗ + ϵ)

B + c1K(Y∗ + ϵ)
< d2 holds. Thus, for sufficiently large t,

y(t) < Y∗ + ϵ and

dz

dt
=

c2xz

B +Kx
+

c3yz

B + c1Ky
− d2z

≤
(

c2
B +K

+
c3(Y∗ + ϵ)

B + c1K(Y∗ + ϵ)
− d2

)
z,

which implies lim
t→+∞

z(t) = 0. Next, we consider the system restricted on the invariant
algebraic surface z = 0, as follows

dx

dt
= x(1− x) · 1

1 +m1y
− c1xy

B +Kx
= f(x, y),

dy

dt
=

c1xy

B +Kx
− d1y = g(x, y).

(8)

Choose Dulac function

D(x, y) =
B +Kx

xy
, x > 0, y > 0.

Then,

D(x, y)f(x, y) =
(B +Kx)(1− x)

y(1 +m1y)
− c1

and
D(x, y)g(x, y) = c1 −

d1(B +Kx)

x
.

Therefore, if B ≥ K, then

∂(Df)

∂x
+

∂(Dg)

∂y
=

K −B − 2Kx

y(1 +m1y)
< 0.
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According to the Bendixson–Dulac theorem, there exist no periodic orbits in the
positive quadrant.

The Equation (8) has three equilibria O(0, 0), O1(1, 0) and O2(x2, y2). The
eigenvalues of the Jacobi matrices at the equilibria O and O1 are

Λ1 = 1, Λ2 = −d1

and
Λ̄1 =

c1
B +K

− d1, Λ̄2 = −1.

If
c1

B +K
> d1, then O(0, 0) and O1(1, 0) are saddles. Further, one could have that

the stable manifold and unstable manifold of the saddle O lie on the line x = 0 and
y = 0, respectively. The stable manifold of the saddle O1 lies on y = 0 and the
unstable manifold would enter the positive quadrant. Therefore, there exist no closed
heteroclinic cycles or homoclinic loops formed by axial equilibria and their connecting
orbits.

Note that
c1

B +K
> d1 and B ≥ K implies that

c1By2
(B +Kx2)2

− 1− 2x2
1 +m1y2

>

0. Therefore, for Equation (8), the unique interior equilibrium O2(x2, y2) is locally
asymptotically stable. Besides, all solutions of Equation (8) are bounded. According to
the Poincaré-Bendixson theorem, the equilibriumO2(x2, y2) of Equation (8) is globally
asymptotically stable on the region {(x, y) : 0 < x ≤ 1, y > 0}.

Combine with lim
t→+∞

z(t) = 0, we have that the equilibrium E2(x2, y2, 0) of

Equation (3) is globally asymptotically stable relative to the interior region Ω1
+.

Similar to the proof of Theorem 4, one has the following conclusion.

Theorem 5. If B ≥ K,
c2

B +K
> d2 and

c1
B +K

< d1. Then the equilibrium
E3(x3, 0, z3) is globally asymptotically stable relative to the interior region

Ω2
+ = {(x, y, z) : 0 < x ≤ 1, y ≥ 0, z > 0}.

4. Interior equilibria and Hopf bifurcation

From Equation (3), the interior equilibrium E(x, y, z) satisfies

x(1− x) · 1

1 +m1y +m2z
− c1xy

B +Kx
− c2xz

B +Kx
= 0, (9)

c1xy

B +Kx
− c2yz

B + c1Ky
− d1y = 0, (10)

c2xz

B +Kx
+

c3yz

B + c1Ky
− d2z = 0. (11)

For convenience, we let
A(x) = B +Kx,

U(x) = (c1 − d1K)x− d1B,

V (x) = d2B − (c2 − d2K)x,

10
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and
∆(x) = c3A(x)− c1KV (x).

From Equations (10) and (11), one gets

y =
BV (x)

∆(x)
, z =

Bc3U(x)

c2∆(x)
. (12)

Then, substitute Equation (12) into Equation (9), we have

P (x) := A(x)(1− x)∆2(x)

−B
[
c1V (x) + c3U(x)

] [
∆(x) +Bm1V (x) +

Bm2c3
c2

U(x)

]
= 0. (13)

Lemma 1. Define the biologically admissible set

I = {x ∈ (0, 1) : U(x) > 0, V (x) > 0, ∆(x) > 0} .

Then E∗(x∗, y∗, z∗) is a biologically admissible interior equilibrium if and only if

x∗ ∈ I, P (x∗) = 0.

Consequently, the number of biologically admissible interior equilibria is

Nad = # {x ∈ I : P (x) = 0} .

Proof. Since y∗ > 0 and z∗ > 0, Equations (10) and (11) give

c2z
∗

B + c1Ky∗
=

c1x
∗

B +Kx∗
− d1 =

U(x∗)

A(x∗)
> 0

and
c3y

∗

B + c1Ky∗
= d2 −

c2x
∗

B +Kx∗
=

V (x∗)

A(x∗)
> 0.

Therefore,
U(x∗) > 0, V (x∗) > 0.

Since y∗ > 0 and V (x∗) > 0, it follows that

∆(x∗) > 0.

Moreover, Equation (10) yields

1− x∗

1 +m1y∗ +m2z∗
=

c1y
∗ + c2z

∗

B +Kx∗
> 0.

Hence,
0 < x∗ < 1.

Thus x∗ ∈ I . Substitution of y∗ and z∗ into Equation (10) gives

P (x∗) = 0.

11
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Conversely, suppose that

x∗ ∈ I and P (x∗) = 0.

Then, from Equation (12),E∗(x∗, y∗, z∗) is an interior equilibrium. This completes the
proof.

From Equation (13), we have

c2P (x) = A4x
4 +A3x

3 +A2x
2 +A1x+A0 = 0, (14)

where

A4 = −c2K
3(c3 + c1(c2 − d2K))2,

A3 = c2K
2(c3 + c1(c2 − d2K))

(
−B(3c3 + c1(c2 − 3d2K)) +K(c3 + c1(c2

− d2K))
)
,

A2 = B(−c1(Bc32m1 − c22(2Bd2Km1 + c3(K − 2BK + (4 + d1)K
2 +Bm1))

−Bc3d1K(2c3 + d2K)m2 + c2K(c23 +Bd22Km1 + c3d2(K − 6BK + (6

+ d1)K
2 +Bm1) +Bc3d1m2)) + c3K(c2c3(3 + d1)K −B(3c2c3 + c22d1m1

− c2d1d2Km1 + c3d
2
1Km2)) + c21(c

3
2K(1 +K)− c22K(c3 + 2d2K(1−B+

2K))−Bc3(c3 + d2K)m2 + c2(d
2
2K

3(1− 3B + 3K) + c3(d2K
2 +Bm2)))),

A1 = B2(−c21d2(2c
2
2K(1 +K)− c2K(c3 + d2K(2−B + 3K)) +Bc3m2) + c1(c

2
2

(c3 + c3(2 + d1)K + 2Bd2m1) + 2Bc3d1(c3 + d2K)m2 − c2(c
2
3 + 2Bd22Km1

+ c3d2(−2(−1 +B)K + 2(3 + d1)K
2 +Bm1) +Bc3d1m2)) + c3(c2c3(3

+ 2d1)K −B(c22d1m1 + c2(c3 − 2d1d2Km1) + 2c3d
2
1Km2))),

A0 = B3c2c
2
3 +B3c2c

2
3d1 −B3c1c2c3d2 − 2B3c1c2c3d2K −B3c1c2c3d1d2K

+B3c21c2d
2
2K +B3c21c2d

2
2K

2 +B4(c3d1 − c1d2)(c2d2m1 − c3d1m2).

Table  1 gives Descartes upper bounds for the number of positive roots of P ,
where V (P ) denotes the number of sign changes in the coefficient sequence of P ,
and N+(P ) denotes the number of positive real zeros of P , counted with algebraic
multiplicity. By Descartes’ rule of signs,

N+(P ) ≤ V (P ), V (P )−N+(P ) ∈ 2N0.

Table 1. Descartes upper bounds for the number of positive roots of the quartic polynomial
P (x).

Sign pattern of (A4, A3, A2, A1, A0) V (P ) PossibleN+(P ) Upper bound forNad

(−,−,−,−,−) 0 0 Nad = 0

(−,−,−,−,+) 1 1 Nad ≤ 1

(−,−,−,+,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

(−,−,−,+,+) 1 1 Nad ≤ 1

(−,−,+,−,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

(−,−,+,−,+) 3 3 or 1 Nad ≤ N+(P ) ≤ 3

(−,−,+,+,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

12



Advances in Differential Equations and Control Processes 2026, 33(3), 4577.

Table 1. Cont.

Sign pattern of (A4, A3, A2, A1, A0) V (P ) PossibleN+(P ) Upper bound forNad

(−,−,+,+,+) 1 1 Nad ≤ 1

(−,+,−,−,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

(−,+,−,−,+) 3 3 or 1 Nad ≤ N+(P ) ≤ 3

(−,+,−,+,−) 4 4, 2, or 0 Nad ≤ N+(P ) ≤ 4

(−,+,−,+,+) 3 3 or 1 Nad ≤ N+(P ) ≤ 3

(−,+,+,−,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

(−,+,+,−,+) 3 3 or 1 Nad ≤ N+(P ) ≤ 3

(−,+,+,+,−) 2 2 or 0 Nad ≤ N+(P ) ≤ 2

(−,+,+,+,+) 1 1 Nad ≤ 1

Let (K, c1, c2, c3, B, d1, d2) = (5, 1.2, 1.1, 1, 1, 0.1, 0.2). For m1 = 1 and
m2 = 5, Equation (3) has unique interior equilibrium E∗

1(0.96485, 0.01989, 0.10053);
for m1 = 20 and m2 = 10, the system has two interior equilibria E∗

2(0.19153,

0.20726, 0.03550) and E∗
3(0.94277, 0.02081, 0.10021); for m1 = 8 and m2 =

95.5, the system has three interior equilibria (0.15653, 0.27248, 0.01286), (0.31526,
0.10762, 0.07008) and (0.62036, 0.04214, 0.09281).

Theorem 6. The interior equilibrium E(x∗, y∗, z∗) is locally asymptotically stable if
the condition (17) in the proof holds.

Proof. The Jacobian matrix at the equilibrium E(x∗, y∗, z∗) is

J∗ =

J11 J12 J13

J21 J22 J23

J31 J32 J33

 , (15)

where

J11 =
1− 2x∗

1 +m1y∗ +m2z∗
− c1By∗

(B +Kx∗)2
− c2Bz∗

(B +Kx∗)2
,

J12 = − x∗(1− x∗)m1

(1 +m1y∗ +m2z∗)2
− c1x

∗

B +Kx∗
,

J13 = − x∗(1− x∗)m2

(1 +m1y∗ +m2z∗)2
− c2x

∗

B +Kx∗
,

J21 =
c1By∗

(B +Kx∗)2
, J22 =

c1x
∗

B +Kx∗
− c2Bz∗

(B + c1Ky∗)2
− d1,

J23 = − c2y
∗

B + c1Ky∗
, J31 =

c2Bz∗

(B +Kx∗)2
,

J32 =
c3Bz∗

(B + c1Ky∗)2
, J33 =

c2x
∗

B +Kx∗
+

c3y
∗

B + c1Ky∗
− d2.

The eigenvalues λi(i = 1, 2, 3) satisfies

λ3 − (J11 + J22 + J33)λ
2 + (J11J22 + J11J33 + J22J33 − J12J21 − J13J31

− J23J32)λ+ (J13J22J31 − J12J23J31 − J13J21J32 + J11J23J32 + J12J21J33

− J11J22J33) = 0. (16)

13
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Let

Q1 = −(J11 + J22 + J33),

Q2 = J11J22 + J11J33 + J22J33 − J12J21 − J13J31 − J23J32,

Q3 = J13J22J31 − J12J23J31 − J13J21J32 + J11J23J32 + J12J21J33 − J11J22J33.

Then, we have determinants

∆1 = Q1, ∆2 =

∣∣∣∣∣Q1 1

Q3 Q2

∣∣∣∣∣ = Q1Q2 −Q3, ∆3 =

∣∣∣∣∣∣∣
Q1 1 0

Q3 Q2 Q1

0 0 Q3

∣∣∣∣∣∣∣ = Q3∆2.

By Routh-Hurwitz stability criterion, we know that λi(i = 1, 2, 3) have negative real
parts if

∆1 > 0, ∆2 > 0, ∆3 > 0. (17)

Therefore, the equilibrium E is locally asymptotically stable.

For (K,m1,m2, c1, c2, c3, B, d1, d2) = (5, 1, 85, 1.2, 1.1, 1, 1, 0.1, 0.2) and the
equilibrium E∗

4(0.7033, 0.03469, 0.09540), we have that the condition (17) holds and
the eigenvalues of the Jacobi matrix at E∗

4 are

λ1 = −0.02852, λ2,3 = −0.0041± 0.05832i.

Therefore, the unique equilibrium E∗
4 is locally asymptotically stable.

Next, we investigate the Hopf bifurcation at the interior equilibrium. Fixmj (j ̸=
i) and take µ = mi as the bifurcation parameter. Define

H(µ) = Q1(µ)Q2(µ)−Q3(µ).

and µ∗ satisfying H(µ∗) = 0. Suppose that Equation (3) has a branch of biologically
admissible interior equilibria

E(µ) =
(
x∗(µ), y∗(µ), z∗(µ)

)
in a neighborhood of µ = µ∗.

Theorem 7. Assume that

Q1(µ
∗) > 0, Q2(µ

∗) > 0, H(µ∗) = 0,

and
H ′(µ∗) = Q′

1(µ
∗)Q2(µ

∗) +Q1(µ
∗)Q′

2(µ
∗)−Q′

3(µ
∗) ̸= 0,

where the primes denote total derivatives along the equilibrium branch E(µ). Then
Equation (3) undergoes a Hopf bifurcation at E(µ∗) as µ passes through µ∗.
Furthermore, we have the following statement.

(1) If the first Lyapunov coefficient l1 < 0, then the Hopf bifurcation is

14
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supercritical and a stable bifurcating periodic solution exists forH ′(µ∗)(µ− µ∗) < 0.
(2) If l1 > 0, the Hopf bifurcation is subcritical and an unstable bifurcating

periodic solution exists for H ′(µ∗)(µ− µ∗) > 0.

Proof. Let
λ3 +Q1(µ)λ

2 +Q2(µ)λ+Q3(µ) = 0 (18)

be the characteristic equation of the Jacobian matrix evaluated along this equilibrium
branch. At µ = µ∗, the condition

H(µ∗) = Q1(µ
∗)Q2(µ

∗)−Q3(µ
∗) = 0

implies that the characteristic polynomial can be factorized as

p(λ, µ∗) = λ3 +Q1(µ
∗)λ2 +Q2(µ

∗)λ+Q3(µ
∗)

=
(
λ+Q1(µ

∗)
)(
λ2 +Q2(µ

∗)
)
.

Since Q1(µ
∗) > 0 and Q2(µ

∗) > 0, the eigenvalues are

λ1 = −Q1(µ
∗) < 0, λ2,3 = ±iω0,

where ω0 =
√
Q2(µ∗) > 0. Thus, the Jacobian matrix has a pair of purely imaginary

eigenvalues and one negative real eigenvalue.
Let

λ(µ) = α(µ) + iω(µ)

denote the eigenvalue branch satisfying λ(µ∗) = iω0. Differentiating

λ3 +Q1(µ)λ
2 +Q2(µ)λ+Q3(µ) = 0

with respect to µ gives

(
3λ2 + 2Q1λ+Q2

)
λ′ +Q′

1λ
2 +Q′

2λ+Q′
3 = 0.

Therefore,

λ′ = −Q′
1λ

2 +Q′
2λ+Q′

3

3λ2 + 2Q1λ+Q2
.

Evaluating this expression at µ = µ∗, λ = iω0, and taking the real part, we obtain

d

dµ
Reλ(µ)

∣∣∣∣
µ=µ∗

= −Q′
1(µ

∗)Q2(µ
∗) +Q1(µ

∗)Q′
2(µ

∗)−Q′
3(µ

∗)

2
(
Q2

1(µ
∗) +Q2(µ∗)

) .

Then, ifH ′(µ∗) = Q′
1(µ

∗)Q2(µ
∗) +Q1(µ

∗)Q′
2(µ

∗)−Q′
3(µ

∗) ̸= 0, the transversality
condition

d

dµ
Reλ(µ)

∣∣∣∣
µ=µ∗

̸= 0

holds. Hence, Equation (3) undergoes a Hopf bifurcation at E(µ∗) as µ passes through
µ∗.

15
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Furthermore, we get the first Lyapunov coefficient l1, see Appendix A for the
detailed computation. Besides, the radial normal form on the center manifold is

ρ̇ = ρ
[
α′(µ∗)(µ− µ∗) + l1ρ

2 +O
(
|µ− µ∗|2 + ρ4

)]
.

Consequently,

ρ2 =− α′(µ∗)

l1
(µ− µ∗) + o(|µ− µ∗|).

=
H ′(µ∗)

2
(
Q2

1(µ
∗) +Q2(µ∗)

)
l1
(µ− µ∗) + o(|µ− µ∗|).

Therefore, if l1 < 0, then the Hopf bifurcation is supercritical and a stable bifurcating
periodic solution exists for H ′(µ∗)(µ − µ∗) < 0. If l1 > 0, the Hopf bifurcation is
subcritical and an unstable bifurcating periodic solution exists for H ′(µ∗)(µ − µ∗) >

0.

Remark 1. Here, Q′
j(µ) denotes the total derivative of Qj along the biologically

admissible equilibrium branch E(µ), namely,

Q′
j(µ) =

d

dµ
Qj

(
x∗(µ), y∗(µ), z∗(µ), µ

)
=
∂Qj

∂µ
+

∂Qj

∂x∗
dx∗

dµ
+

∂Qj

∂y∗
dy∗

dµ
+

∂Qj

∂z∗
dz∗

dµ
, j = 1, 2, 3.

To verify the result, we give the following simulations.
Let µ = m2 be the bifurcation parameter. For (K,m1, c1, c2, c3, B, d1, d2) =

(1, 1, 1, 0.3, 1.8, 2, 0.1, 0.4), by H(µ∗) = 0, we get µ∗ = 1.0472 and the unique
interior equilibrium E∗(0.4208, 0.4791, 0.6100). Furthermore,Q1(µ

∗) = 0.1369 > 0,
Q2(µ

∗) = 0.06267 > 0 andH ′(µ∗) = −0.002762 < 0. Therefore, a Hopf bifurcation
occurs as µ passes through µ∗ = 1.0472. Besides, the first Lyapunov coefficient
l1 = −1.1562 < 0, then the Hopf bifurcation is supercritical and a stable limit cycle
exists for µ > µ∗, see Figure 1b. When µ < µ∗, the equilibrium E is stable, see
Figure 1a.

(a) (b)
Figure 1. Phase portrait near E of Equation (3) with (K,m1, c1, c2, c3, B, d1, d2) =

(1, 1, 1, 0.3, 1.8, 2, 0.1, 0.4) and different value ofm2: (a)m2 = 1.03; (b)m2 = 1.05.
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Let µ = m1 be the bifurcation parameter. For (K,m2, c1, c2, c3, B, d1, d2) =

(1, 1, 1, 0.3, 1.8, 2, 0.1, 0.4), byH(µ∗) = 0, we get µ∗ = 0.8992 and the unique interior
equilibrium E∗(0.4311, 0.4773, 0.6386). Furthermore, Q1(µ

∗) = 0.14489 > 0,
Q2(µ

∗) = 0.06341 > 0 and H ′(µ∗) = 0.001405 > 0. Therefore, a Hopf bifurcation
occurs as µ passes through µ∗ = 0.8992. Besides, the first Lyapunov coefficient
l1 = −1.0712 < 0, then the Hopf bifurcation is supercritical and a stable limit cycle
exists for µ < µ∗, see Figure 2a. When µ > µ∗, the equilibrium E is stable, see
Figure 2b.

(a) (b)
Figure 2. Phase portrait near E of Equation (3) with (K,m2, c1, c2, c3, B, d1, d2) =

(1, 1, 1, 0.3, 1.8, 2, 0.1, 0.4) and different value ofm1: (a)m1 = 0.89; (b)m1 = 0.92.

5. Numerical simulation

In this section, numerical simulations are carried out to explore the complex
dynamics of the system. We show that the systemmay exhibit a period-three limit cycle
and a non-attracting chaotic set. Various coexistence phenomena are also observed,
including the coexistence of a stable equilibrium and a stable limit cycle, as well as
the coexistence of two stable limit cycles. Furthermore, our simulations indicate that
chaotic attractors may arise in parameter regimes corresponding to different numbers
of interior equilibria. Biologically, these findings indicate that double fear effects
can substantially alter the long-term behavior of the food chain, promoting diverse
dynamical patterns and ecological outcomes.

5.1. Period-three limit cycle and non-attracting chaotic set
Let (K,m1,m2, c1, c2, c3, B, d1, d2) = (5, 0.1, 4.6, 1.425, 1.1, 1.2, 1, 0.1, 0.2).

Choosing the initial point (0.5, 0.2, 0.5), we find that the system has a stable limit
cycle, and give the corresponding Poincaré mappings (the cross section x = 0.9), as
shown in Figure 3. Therefore, the Poincaré return map has a period-three orbit.

For one-dimensional continuousmaps, the existence of a period-three orbit implies
Li-Yorke chaos. However, for a two-dimensional discrete system, a period-three orbit
alone does not necessarily guarantee Li-Yorke chaos. Interestingly, we find that the
system could show the transient chaos phenomenon, which implies that the system
indeed possesses a non-attracting chaotic set, see Figure 4. Moreover, we give the time
series of the variable z(t), see Figure 5. As shown in the figure, the system initially
undergoes a period of irregular motion, eventually transitioning to periodic motion.
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Figure 3. Equation (3) with (K,m1,m2, c1, c2, c3, B, d1, d2) = (5, 0.1, 4.6, 1.425, 1.1,

1.2, 1, 0.1, 0.2): (a) a period-three limit cycle; (b) the corresponding Poincaré mappings.
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Figure 4. Equation (3) with (K,m1,m2, c1, c2, c3, B, d1, d2) = (5, 0.1, 4.6, 1.425, 1.1,

1.2, 1, 0.1, 0.2): (a) a non-attracting chaotic set; (b) its corresponding Poincaré mappings.
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Figure 5. Time series of the variable z(t) of Equation (3) with (K,m1,m2, c1, c2, c3,

B, d1, d2) = (5, 0.1, 4.6, 1.425, 1.1, 1.2, 1, 0.1, 0.2): (a) t ∈ [0, 14, 000]; (b) t ∈ [45, 000,

50, 000].

Figure 6 give the finite-time largest Lyapunov exponent convergence after
transient removal. In Figure 6, the system initially has a positive Lyapunov exponent,
which eventually becomes zero over time. Here, the largest Lyapunov exponent
was computed using the one-vector Benettin algorithm. The original system and
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the variational equation were integrated simultaneously using the adaptive MATLAB
solver ode45. The relative and absolute tolerances were set to 10−10 and 10−12,
respectively, and the maximum internal step size was restricted to 0.05. A transient
interval of length Ttr = 2, 000 was discarded before the Lyapunov exponent was
accumulated. The tangent vector was renormalized every∆T = 1, and the finite-time
largest Lyapunov exponent was computed as

λmax(TN ) =
1

TN

N∑
k=1

log ρk,

where ρk is the norm of the tangent vector immediately before the k-th renormalization.
All these might provide numerical evidence for complex chaotic dynamics.

0 1 2 3 4 5
Accumulation time T 104

-0.15
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-0.05
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0.1

m
ax

(T
)

Figure 6. Finite-time largest Lyapunov exponent convergence with (K,m1,m2, c1,

c2, c3, B, d1, d2) = (5, 0.1, 4.6, 1.425, 1.1, 1.2, 1, 0.1, 0.2).

5.2. Multistability

5.2.1. The coexistence of a stable interior equilibrium and a stable limit cycle

Let (K,m1, c1, c2, c3, B, d1, d2) = (5, 1, 1.2, 1.1, 1, 1, 0.1, 0.2) andm2 = 55. In
this case, Equation (3) has a unique interior equilibrium (0.8244, 0.02662, 0.09820),
and the corresponding eigenvalues are −0.09148,−0.0009774 ± 0.04542i. This
implies that the unique interior equilibrium is stable. Moreover, we find that the system
could have a stable limit cycle. Therefore, Equation (3) has the coexistence of a stable
interior equilibrium and a stable limit cycle, see Figure 7, where the initial points are
(0.8, 0.2, 0.1) and (0.5, 0.5, 0.1), respectively.

Figure 8 shows the basin-of-attraction diagrams on four two-dimensional
initial-condition sections. The red and blue regions correspond to initial conditions
converging to the stable limit cycle and the stable equilibrium, respectively. For
z(0) = 0.1, the basin of the stable equilibrium occupies a substantial part of the lower
region of the (x(0), y(0))-plane. As z(0) increases, this basin gradually contracts. At
z(0) = 0.34, only a small set of initial conditions with relatively low y(0) converges
to the equilibrium. For z(0) = 0.4, all sampled initial conditions on the considered
section converge to the stable limit cycle. These results demonstrate that the relative
basin sizes of the coexisting attractors depend strongly on the initial density of the top
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predator. In particular, larger values of z(0) favor convergence to the oscillatory state
within the initial-condition region examined here.

Figure 7. Coexisting stable equilibrium and limit cycle of Equation (3) with (K,m1,

c1, c2, c3, B, d1, d2) = (5, 1, 1.2, 1.1, 1, 1, 0.1, 0.2) andm2 = 55.
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Figure 8. Basin-of-attraction on some two-dimensional sections of the initial-condition space:
(a) z(0) = 0.1; (b) z(0) = 0.3; (c) z(0) = 0.34; (d) z(0) = 0.4. The grid size is 60× 60.

5.2.2. The coexistence of two stable limit cycles

Let (K,m1, c1, c2, c3, B, d1, d2) = (5, 1, 1.2, 1.1, 1, 1, 0.1, 0.2) andm2 = 45. In
this case, Equation (3) has a unique interior equilibrium (0.8565, 0.02487, 0.09880),
and the corresponding eigenvalues are −0.1241, 0.0005667 ± 0.04343i. This implies
that the unique interior equilibrium is unstable. Moreover, we find that the system could
have coexistence of two stable limit cycles Γ1 (red colour) and Γ2 (green colour), see
Figure 9, where the initial points are (0.8, 0.2, 0.1) and (0.5, 0.5, 0.1), respectively.
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Figure 9. Two coexisting stable limit cycles of Equation (3) with (K,m1, c1, c2, c3,

B, d1, d2) = (5, 1, 1.2, 1.1, 1, 1, 0.1, 0.2) andm2 = 45.

Figure 10 presents basin-of-attraction diagrams on four two-dimensional
initial-condition sections. The red and green regions correspond to initial conditions
converging to stable limit cycles Γ1 and Γ2, respectively. For z(0) = 0.1, the basin
of stable limit cycle Γ1 occupies a relatively large portion of the lower part of the
(x(0), y(0))-plane. As z(0) increases, this basin contracts and becomes increasingly
localized. At z(0) = 0.44, only a small set of initial conditions with moderate x(0)

and low y(0) converges to stable limit cycle Γ1. For z(0) = 0.5, all sampled initial
conditions on the considered section converge to the stable limit cycle Γ2. These
results demonstrate that the relative basin sizes of the two coexisting periodic attractors
depend strongly on the initial density of the top predator. In particular, within the
initial-condition region examined here, increasing z(0) favors convergence to stable
limit cycle Γ2.
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Figure 10. Basin-of-attraction on some two-dimensional sections of the initial-condition space:
(a) z(0) = 0.1; (b) z(0) = 0.4; (c) z(0) = 0.44; (d) z(0) = 0.5. The grid size is 60× 60.
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5.3. Chaotic attractor

Let (K,m2, c1, c2, c3, B, d1, d2) = (5, 10, 1.2, 1.1, 1, 1, 0.1, 0.2) and vary m1 ∈
[0.1, 30]. The largest Lyapunov exponent diagram and bifurcation diagram is given in
Figure 11, where x = 0.8 is the cross section.
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Figure 11. Equation (3) with (K,m2, c1, c2, c3, B, d1, d2) = (5, 10, 1.2, 1.1, 1, 1, 0.1, 0.2) and
m1 ∈ [0.1, 30]: (a) largest Lyapunov exponent diagram; (b) bifurcation diagram.

As m1 = 1, Equation (3) has a unique interior equilibrium (0.9526, 0.02040,

0.1004), and the corresponding eigenvalues are −0.4489, 0.004131 ± 0.03960i. This
implies that the unique interior equilibrium is unstable. Moreover, we find that the
system with the unique unstable interior equilibrium could show a chaotic attractor, see
Figure 12.

Figure 12. The chaotic attractor of system (3) with (K,m2, c1, c2, c3, B, d1, d2) = (5, 10,

1.2, 1.1, 1, 1, 0.1, 0.2) andm1 = 1.

Asm1 = 20, the system (3) has two interior equilibria (0.1915, 0.2073, 0.03550)
and (0.9428, 0.02081, 0.1002). The corresponding eigenvalues are 0.01191, 0.01741±
0.1274i and −0.3670, 0.003777 ± 0.03948i, respectively. This implies that the two
interior equilibria are unstable. Moreover, we find that the system with two unstable
interior equilibria could show a chaotic attractor, see Figure 13.
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Figure 13. The chaotic attractor of system (3) with (K,m2, c1, c2, c3, B, d1, d2) = (5, 10,

1.2, 1.1, 1, 1, 0.1, 0.2) andm1 = 20.

6. Conclusion

In this paper, we investigated a tri-trophic predator-prey system with double fear
effects, in which the basal prey is affected by fear induced by both the intermediate
predator and the top predator. The top predator is allowed to feed on both the basal
prey and the intermediate predator, which makes the trophic interaction structure more
flexible than a simple food-chain model.

We first analyzed the existence of axial equilibria and obtained sufficient
conditions for their global stability. These results describe the possible extinction or
partial survival states of the system. Then, we studied the number and local stability
of interior equilibria, which correspond to the coexistence of all three species. Hopf
bifurcations were further investigated, and the first Lyapunov coefficient was computed
to determine the direction of the bifurcation and the stability of the bifurcating periodic
solutions. Numerical simulations revealed richer dynamical behaviors, including
period-three limit cycles, non-attracting chaotic sets, coexistence of a stable equilibrium
and a stable limit cycle, coexistence of two stable limit cycles, and chaotic attractors
under parameter regimes with different numbers of interior equilibria.

From an ecological point of view, these results indicate that double effects can
substantially influence the long-term dynamics of the system. Within the particular
parameter regimes examined in this study, variations in fear intensity may move the
system across a Hopf bifurcation or into regions characterized by periodic oscillations,
multistability, or chaotic dynamics. This observation is parameter-dependent and
should not be interpreted as a universal monotone relationship between fear intensity
and ecosystem stability. The coexistence of multiple attractors also has an important
ecological implication. Under the same parameter values, different initial species
densities may lead to qualitatively different long-term outcomes, such as convergence
to a stable equilibrium, or to one of several persistent oscillatory states. In particular,
chaotic attractors imply that long-term prediction of population densities may become
difficult, even though the system is deterministic.

Overall, the study shows that double fear effects are not merely passive
modifications of prey growth, but can serve as key mechanisms generating complex
dynamical transitions in tri-trophic ecological systems. These findings highlight the
importance of considering both direct predation and fear-mediated indirect effects
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when modeling population interactions across multiple trophic levels.
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Appendix A. Computation of the first Lyapunov coefficient

If µ = µ∗, we rewrite system (3) as
Ẋ = F (X), (A1)

where X = (X1, X2, X3)
T = (x, y, z)T, F = (f1, f2, f3)

T.
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Define

S = 1 +m1y
∗ +m2z

∗, H = B +Kx∗, G = B + c1Ky∗,

L = x∗(1− x∗), R = c1y
∗ + c2z

∗. (A2)

Let

ξ =

ξ1

ξ2

ξ3

 =

x− x∗

y − y∗

z − z∗

 ,

then the obtained system has the Taylor expansion

ξ̇ = J∗ξ +
1

2
B(ξ, ξ) + 1

6
C(ξ, ξ, ξ) +O(∥ξ∥4), (A3)

where

[B(u,v)]j =
3∑

k,ℓ=1

∂2fj
∂Xk∂Xℓ

(E∗)ukvℓ, (A4)

[C(u,v,w)]j =
3∑

k,ℓ,r=1

∂3fj
∂Xk∂Xℓ∂Xr

(E∗)ukvℓwr. (A5)

Compute second-order coefficients of [B(u,v)]j , write

β
(j)
kℓ =

∂2fj
∂Xk∂Xℓ

(E∗),

then for the first component,

β
(1)
11 = − 2

S
+

2BKR

H3
, β

(1)
12 = −m1(1− 2x∗)

S2
− Bc1

H2
,

β
(1)
13 = −m2(1− 2x∗)

S2
− Bc2

H2
, β

(1)
22 =

2m2
1L

S3
,

β
(1)
23 =

2m1m2L

S3
, β

(1)
33 =

2m2
2L

S3
. (A6)

For the second component,

β
(2)
11 = −2BKc1y

∗

H3
, β

(2)
12 =

Bc1
H2

, β
(2)
22 =

2Bc1Kc2z
∗

G3
, β

(2)
23 = −Bc2

G2
,

β
(2)
13 = β

(2)
33 = 0. (A7)

For the third component,

β
(3)
11 = −2BKc2z

∗

H3
, β

(3)
13 =

Bc2
H2

, β
(3)
22 = −2Bc1Kc3z

∗

G3
, β

(3)
23 =

Bc3
G2

,

β
(3)
12 = β

(3)
33 = 0. (A8)

Then, one has

[B(u,v)]j = β
(j)
11 u1v1 + β

(j)
12 (u1v2 + u2v1) + β

(j)
13 (u1v3 + u3v1)

+ β
(j)
22 u2v2 + β

(j)
23 (u2v3 + u3v2) + β

(j)
33 u3v3. (A9)
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Compute third-order coefficients of [C(u,v,w)]j , write

γ
(j)
kℓr =

∂3fj
∂Xk∂Xℓ∂Xr

(E∗),

then for the first component,

γ
(1)
111 = −6BK2R

H4
, γ

(1)
112 =

2m1

S2
+

2BKc1
H3

, γ
(1)
113 =

2m2

S2
+

2BKc2
H3

,

γ
(1)
122 =

2m2
1(1− 2x∗)

S3
, γ

(1)
123 =

2m1m2(1− 2x∗)

S3
, γ

(1)
133 =

2m2
2(1− 2x∗)

S3
,

γ
(1)
222 = −6m3

1L

S4
, γ

(1)
223 = −6m2

1m2L

S4
, γ

(1)
233 = −6m1m

2
2L

S4
, γ

(1)
333 = −6m3

2L

S4
. (A10)

For the second component,

γ
(2)
111 =

6BK2c1y
∗

H4
, γ

(2)
112 = −2BKc1

H3
,

γ
(2)
222 = −6BK2c21c2z

∗

G4
, γ

(2)
223 =

2BKc1c2
G3

. (A11)

For the third component,

γ
(3)
111 =

6BK2c2z
∗

H4
, γ

(3)
113 = −2BKc2

H3
,

γ
(3)
222 =

6BK2c21c3z
∗

G4
, γ

(3)
223 = −2BKc1c3

G3
. (A12)

From
J∗q = iω0q, J∗Tp = −iω0p, ⟨p, q⟩ = pTq = 1,

one gets

q = (1, u, v)T, p =
1

1 + r u+ s v
(1, r, s)T, (A13)

where

u =
J23J31 − J21(J33 − iω0)

(J22 − iω0)(J33 − iω0)− J23J32
, v =

J21J32 − J31(J22 − iω0)

(J22 − iω0)(J33 − iω0)− J23J32
,

r =
J13J32 − J12(J33 + iω0)

(J22 + iω0)(J33 + iω0)− J23J32
, s =

J12J23 − J13(J22 + iω0)

(J22 + iω0)(J33 + iω0)− J23J32
. (A14)

Define
U = B(q, q) = (U1,U2,U3)

T, V = B(q, q) = (V1,V2,V3)
T.

Then, from Equations (A6)–(A9), one has

U1 = − 2

S
+

2BKR

H3
+

(
−m1(1− 2x∗)

S2
− Bc1

H2

)
(u+ u)

+

(
−m2(1− 2x∗)

S2
− Bc2

H2

)
(v + v) +

2m2
1L

S3
uu

+
2m1m2L

S3
(uv + vu) +

2m2
2L

S3
vv,

U2 = − 2BKc1y
∗

H3
+

Bc1
H2

(u+ u) +
2Bc1Kc2z

∗

G3
uu− Bc2

G2
(uv + vu),

U3 = − 2BKc2z
∗

H3
+

Bc2
H2

(v + v)− 2Bc1Kc3z
∗

G3
uu+

Bc3
G2

(uv + vu), (A15)

27



Advances in Differential Equations and Control Processes 2026, 33(3), 4577.

and

V1 = − 2

S
+

2BKR

H3
+ 2

(
−m1(1− 2x∗)

S2
− Bc1

H2

)
u

+ 2

(
−m2(1− 2x∗)

S2
− Bc2

H2

)
v +

2m2
1L

S3
u2 +

4m1m2L

S3
uv +

2m2
2L

S3
v2,

V2 = − 2BKc1y
∗

H3
+

2Bc1
H2

u+
2Bc1Kc2z

∗

G3
u2 − 2Bc2

G2
uv,

V3 = − 2BKc2z
∗

H3
+

2Bc2
H2

v − 2Bc1Kc3z
∗

G3
u2 +

2Bc3
G2

uv. (A16)

Define
h11 = −J∗−1U = (h1, h2, h3)

T, h20 = (2iω0I − J∗)−1V = (k1, k2, k3)
T,

then

h1 = − 1

DJ∗

[
(J22J33 − J23J32)U1 + (J13J32 − J12J33)U2 + (J12J23 − J13J22)U3

]
,

h2 = − 1

DJ∗

[
(J23J31 − J21J33)U1 + (J11J33 − J13J31)U2 + (J13J21 − J11J23)U3

]
,

h3 = − 1

DJ∗

[
(J21J32 − J22J31)U1 + (J12J31 − J11J32)U2 + (J11J22 − J12J21)U3

]
, (A17)

and

k1 =
1

DM

{
[(iω0 − J22)(iω0 − J33)− J23J32]V1

+ [J13J32 + J12(iω0 − J33)]V2 + [J12J23 + J13(iω0 − J22)]V3

}
,

k2 =
1

DM

{
[J23J31 + J21(iω0 − J33)]V1

+ [(iω0 − J11)(iω0 − J33)− J13J31]V2 + [J13J21 + J23(iω0 − J11)]V3

}
,

k3 =
1

DM

{
[J21J32 + J31(iω0 − J22)]V1

+ [J12J31 + J32(iω0 − J11)]V2 + [(iω0 − J11)(ω − J22)− J12J21]V3

}
, (A18)

where

DJ∗ = det J∗ = J11(J22J33 − J23J32)− J12(J21J33 − J23J31)

+ J13(J21J32 − J22J31),

DM = detM = det(2iω0I − J∗). (A19)

Define
P = B(q, h20) = (P1,P2,P3)

T, T = B(q, h11) = (T1,T2,T3)
T,

then

P1 =

(
− 2

S
+

2BKR

H3

)
k1 +

(
−m1(1− 2x∗)

S2
− Bc1

H2

)
(k2 + u k1)

+

(
−m2(1− 2x∗)

S2
− Bc2

H2

)
(k3 + v k1) +

2m2
1L

S3
u k2

+
2m1m2L

S3
(u k3 + v k2) +

2m2
2L

S3
v k3,

P2 = − 2BKc1y
∗

H3
k1 +

Bc1
H2

(k2 + u k1) +
2Bc1Kc2z

∗

G3
u k2

− Bc2
G2

(u k3 + v k2),

P3 = − 2BKc2z
∗

H3
k1 +

Bc2
H2

(k3 + v k1)−
2Bc1Kc3z

∗

G3
u k2

+
Bc3
G2

(u k3 + v k2), (A20)
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and

T1 =

(
− 2

S
+

2BKR

H3

)
h1 +

(
−m1(1− 2x∗)

S2
− Bc1

H2

)
(h2 + uh1)

+

(
−m2(1− 2x∗)

S2
− Bc2

H2

)
(h3 + vh1) +

2m2
1L

S3
uh2

+
2m1m2L

S3
(uh3 + vh2) +

2m2
2L

S3
vh3,

T2 = − 2BKc1y
∗

H3
h1 +

Bc1
H2

(h2 + uh1) +
2Bc1Kc2z

∗

G3
uh2 −

Bc2
G2

(uh3 + vh2),

T3 = − 2BKc2z
∗

H3
h1 +

Bc2
H2

(h3 + vh1)−
2Bc1Kc3z

∗

G3
uh2 +

Bc3
G2

(uh3 + vh2). (A21)

Define
C = C(q, q, q) = (C1,C2,C3)

T.

Then, substituting the coefficients from (A10)–(A12) into (A5), one gets

C1 = − 6BK2R

H4
+

(
2m1

S2
+

2BKc1
H3

)
(2u+ u)

+

(
2m2

S2
+

2BKc2
H3

)
(2v + v) +

2m2
1(1− 2x∗)

S3
(u2 + 2uu)

+
4m1m2(1− 2x∗)

S3
(uv + uv + vu) +

2m2
2(1− 2x∗)

S3
(v2 + 2vv)

− 6m3
1L

S4
u2u− 6m2

1m2L

S4
(u2v + 2uvu)

− 6m1m
2
2L

S4
(v2u+ 2uvv)− 6m3

2L

S4
v2v,

C2 =
6BK2c1y

∗

H4
− 2BKc1

H3
(2u+ u)− 6BK2c21c2z

∗

G4
u2u

+
2BKc1c2

G3
(u2v + 2uvu),

C3 =
6BK2c2z

∗

H4
− 2BKc2

H3
(2v + v) +

6BK2c21c3z
∗

G4
u2u

− 2BKc1c3
G3

(u2v + 2uvu). (A22)

Define
Wj = Cj + Pj + 2Tj , j = 1, 2, 3. (A23)

Then the cubic resonant coefficient is

G21 = ⟨p, C(q, q, q) + B(q, h20) + 2B(q, h11)⟩ ,

and the first Lyapunov coefficient is

l1 =
1

2ω0
ReG21 =

1

2ω0
Re

[
W1 + rW2 + sW3

1 + r u+ s v

]
. (A24)

Equations (A2)–(A22), substituted successively into Equation (A23) and then into Equation (A24), give an exact
expression

l1 = l1(x
∗, y∗, z∗, µ∗;B,K, c1, c2, c3, d1, d2,m1,m2) .
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